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ABSTRACT

Background: Intrauterine growth restriction is an abnormal fetal development characterized by a fetal growth rate lower than the 
potential genetic growth for the gestational age. This condition represents a major burden for public health systems, as it increases 
short and long-term morbidity and mortality in the offspring, particularly because of its association with the development of cardio-
vascular and metabolic disease in adult life. 
Objectives: The aim of the present study was to identify possible cardinal genes involved in intrauterine growth restriction associa-
ted with the development of obesity, hypertension and metabolic syndrome using bioinformatics tools. 
Methods: A total of 343 genes involved in the phenotypes of interest were obtained and 20 genes were identified as significantly 
relevant in the interaction network analysis. Specifically, four of these identified genes encode for growth factors or their receptors, 
VEGFA, PDGFRB, IGF1R and EGFR. We also identified genes related to insulin and cardiovascular homeostasis as CTNNB1, APP, 
MYC and MDMD2. Cluster analysis provided the most significant gene ontology terms, including those related to the biological 
processes of proliferation and programmed cell death, intercellular communication, protein metabolism and development of the 
cardiovascular system.
Conclusions: The genes found in this study could be useful as putative biomarkers for the presence of cardiovascular and metabolic 
disorders associated with intrauterine growth restriction, or as potential therapeutic targets for treatment strategies directed to the 
patient's genotype.
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RESUMEN 
Introducción: La restricción del crecimiento intrauterino es una alteración del desarrollo fetal que se caracteriza por una tasa de 
crecimiento durante la etapa fetal que es menor al potencial genético de crecimiento para la edad gestacional. Esta condición plantea 
una carga importante para la salud pública, ya que aumenta la morbimortalidad de la descendencia, a corto y a largo plazo, particu-
larmente, por asociarse al desarrollo de enfermedad cardiovascular y metabólica en la vida adulta.
Objetivos: Mediante el uso de herramientas bioinformáticas nos propusimos identificar posibles genes cardinales involucrados en la 
restricción del crecimiento intrauterino asociados al desarrollo de obesidad, hipertensión arterial y síndrome metabólico.
Material y métodos: Obtuvimos un total de 343 genes involucrados en los fenotipos de interés e identificamos 20 genes que resul-
taron significativamente relevantes en el análisis de la red de interacción. Particularmente, cuatro de estos genes identificados co-
difican para factores de crecimiento o sus receptores, VEGFA, PDGFRB, IGF1R y EGFR. Además, identificamos genes relacionados 
con la insulina y el control de la homeostasis cardiovascular, como son el CTNNB1, APP, MYC y MDMD2. Por otra parte, el análisis 
de clústeres permitió reconocer los términos de ontología genética más significativos, entre los que se destacan aquellos relacionados 
con procesos biológicos de proliferación y muerte celular programada, de comunicación intercelular, del metabolismo proteico, y de 
desarrollo del sistema cardiovascular.
Conclusiones: Los genes hallados en este estudio podrían ser de utilidad como biomarcadores putativos de la presencia de altera-
ciones cardiovasculares y metabólicas asociadas a la restricción del crecimiento intrauterino o potenciales blancos terapéuticos de 
estrategias de tratamiento orientadas al genotipo del paciente.

Palabras claves: Biología computacional - Ontología de genes - Retardo del crecimiento fetal - Hipertensión - Obesidad - Síndrome 
metabólico
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INTRODUCTION
Prenatal development is a highly dynamic process 
involving a combination of maternal, placental, and 
fetal factors, together with genetic and environmen-
tal factors, which can modulate cell proliferation and 
maturation during the embryonic and fetal stages of 
intrauterine growth. (1, 2)

Intrauterine growth restriction (IUGR) is an ab-
normal fetal development that affects 5% to 15% of 
all live births, (3, 4) and is characterized by a fetal 
growth rate lower than the potential genetic growth 
for the gestational age. (2) This complication during 
pregnancy represents a major burden for health sys-
tems, as it increases short and long-term morbidity 
and mortality in the offspring. (5, 6)

In the eighties, Barker suggested that cardiovascu-
lar disease in adults could originate in fetal life based 
on the observation of the geographic distribution of 
infant mortality at the beginning of the twentieth cen-
tury, which was similar to mortality due to ischemic 
heart disease approximately 60 years later. (7) Since 
then, several epidemiological, clinical, and experimen-
tal studies have been carried out, which made it pos-
sible to further understand the factors that can nega-
tively affect fetal development, including maternal 
malnutrition, gestational hypertension, preeclampsia/
eclampsia, gestational diabetes, reduced renin angio-
tensin system activity in the kidneys, and exposure 
to hypoxia or stress. (2) Particularly, many studies 
have supported the hypothesis of early programming 
of cardiovascular disease in adult life, nutrient sup-
ply to the fetus being one of the main causes. (8-11) 
Furthermore, to preserve energy and survive at the 
expense of completing fetal growth in an environment 
of inadequate nutrient supply, impaired fetal glucose 
and insulin homeostasis have been observed, modify-
ing the metabolic profile in tissues and programming 
the expression of adaptations in postnatal life associ-
ated with insulin resistance and excess weight. (12) 
Moreover, exposure to damage during intrauterine de-
velopment can have metabolic consequences in later 
generations. (13, 14)

In modern society, including Argentina, there is a 
high prevalence of risk factors for the development of 
cardiovascular and metabolic diseases. (15) Therefore, 
the development of strategies for the early detection 
of the propensity of an individual born with IUGR to 
develop cardiovascular or metabolic disease in adult 
life could mitigate the risk of long-term consequences 
of IUGR through targeted therapeutic interventions 
and treatment strategies.

Nowadays, there are considerable data in the lit-
erature about IUGR, hypertension (HTN), obesity 

and metabolic syndrome (MS). The latter represents 
the association of many cardiovascular risk factors as 
obesity, HTN, dyslipidemia, and insulin resistance. 
(16) However, in the literature these data are divided 
into different levels of biological information (genom-
ics, transcriptomics and proteomics). Processing and 
integrating data using bioinformatics tools facilitates 
the application of personalized medicine.

Thus, the aim of the present study was to evaluate 
and identify the possible cardinal genes involved in 
IUGR associated with the development of HTN, obe-
sity and MS, and the potentially abnormal biological 
processes.  

METHODS
Data collection
The genes related to IUGR, obesity, HTN and MS were 
collected in July 2019 from the following databases: Phe-
notype-Genotype Integrator (PheGenI https://www.ncbi.
nlm.nih.gov/gap/phegeni), Gene NCBI (https://www.ncbi.
nlm.nih.gov/gene), Clinvar (http://www.ncbi.nlm.nih.gov/
clinvar/), (17) Database of gene-disease associations (Dis-
GeNET https://www.disgenet.org/), (18) European Bio-
informatic Institute (EBI http://www.ebi.ac.uk) (19) and 
Comparative Toxicogenomics Database (CTD http://ctd-
base.org) (20), in the latter case selecting only genes with 
a direct relationship to phenotypes based on the published 
literature.

Construction of genetic interaction networks
Genetic interaction networks are a mathematical represen-
tation of the interaction between protein-coding genes in 
biological systems. This relationship is established through 
different methods, such as text mining, information based 
on experiments, interactions established by orthology mod-
els, statistical methods, and predictions based on protein 
characteristics. The interaction networks were constructed 
using three widely used tools: Search Tool for the Retrieval 
of Interaction Genes/Protein (STRING https://string-db.
org/) (21) created by the Swiss Institute of Bioinformat-
ics (SIB) and the European Molecular Biology Laboratory 
(EMBL); Consensus Path DB-Human (CPDB http://cpdb.
molgen.mpg.de/), (22) developed by the MAX Planck In-
stitute for Molecular Genetics; and Gene MANIA (https://
genemania.org/) (23) developed by the Donnelly Centre for 
Cellular and Biomolecular Research; University of Toron-
to, Canada. 

Analysis of genetic interaction networks and topological 
evaluation
The networks were visualized and analyzed with Cytoscape 
V3 software. (24) The most relevant genes were determined 
in relation to degree of centrality, a measure of topological 
centrality that defines the number of edges incident upon a 
node: i.e., degree centrality is used to identify the relevant 
genes directly involved with other protein-coding genes in 
the network. The following equation is used:

HPA	 Human Protein Atlas

HTN	 Hypertension

IUGR	 Intrauterine growth restriction

MS	 Metabolic syndrome

Abbreviations 
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For a graph B and a node υi, deg represents the number 
of edges.

	 B (vi) = deg (vi)

Betweenness centrality is another measure considered 
and represents the number of times a node acts as a bridge 
between other nodes. Thus, this measure shows key connec-
tors for the dynamics of a biological network. Betweenness 
centrality is calculated using the following formula: (26)

For a graph B, a node υi and two nodes different from υ (s 
and t), σst is the total number of shortest paths from node s 
to node t and σst (υi) is the number of those paths that pass 
through υi.

Besides the estimation of centrality measures, we inves-
tigated, for descriptive purposes, the tissue profiles in which 
these genes were overexpressed. For this end, we used the 
Human Protein Atlas (HPA), (27) a platform developed by 
the Karolinska Institute in association with other institu-
tions, which provides information of transcript expression 
from different sources. Moreover, additional packages of Cy-
toscape were installed to detect densely connected regions 
or protein clusters, using the Molecular Complex Detection 
(MCODE) algorithm (28) with a Degree of 3, a Node score of 
0.2 and a K-score of 2.

Functional analysis
Functional enrichment analysis of genes was carried out us-
ing g.Profiler (https://biit.cs.ut.ee/gprofiler/gost). (29) This 
public web server provides a collection of tools used in a 

standardized way in biological analyses, allowing the iden-
tification of biological pathways and gene ontology catego-
ries including biological processes (BP), molecular functions 
(MF) and cellular components (CC). The Benjamini-Hoch-
berg procedure was used for calculating the false discovery 
rate (FDR). A p value <0.01 and FDR <0.05 were considered 
statistically significant. Additionally, automated electronic 
annotations were excluded and at least 5 query terms were 
required to accept a functional annotation to reduce the 
probability of false positives. Next, the most significant gene 
ontology terms meeting the FDR criterion were selected and 
redundant terms were removed using the REVIGO tool (Re-
duce and Visualize Gene Ontology, http://revigo.irb.hr/). (30)

Ethical considerations
Not applicable.

RESULTS
Gene list
A total of 5,605, 759, 2,787 and 532 genes related to 
the phenotypes of obesity, HTN, MS and IUGR, re-
spectively, were obtained. Using the set theory, 343 
overlapping genes were detected between IUGR and 
the other three disorders (Figure 1).

Genetic interaction network
The 343 overlapping genes were used to create the 
networks. The network obtained contained 12,633 
connections (Figure 2).

Next, the top 20 genes were obtained: EGFR, epi-
dermal growth factor receptor; MAPK1, mitogen-acti-
vated protein kinase 1; STAT3, signal transducer and 
activator of transcription 3; CTNNB1, catenin beta 1; 

Fig. 1. Venn diagram of genes 
with abnormal expression 
in the phenotypes of obe-
sity, hypertension, metabolic 
syndrome, and intrauterine 
growth restriction

Obesity
(5,605)

HTN
(759)

IUGR
(534)

MS
(2,787)
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MAPK3, mitogen-activated protein kinase 3; TP53, 
tumor suppressor protein 53; APP, amyloid precursor 
protein; PIK3R1, phosphoinositide-3-kinase regula-
tory subunit 1; MYC proto-oncogene bHLHe39, basic 
helix-loop-helix protein 39; ESR1, estrogen receptor-
alpha; HIF1A, hypoxia-inducible factor 1-alpha; CD-
KN1A, cyclin-dependent kinase inhibitor 1A; MDM2, 
MDM2proto-oncogene; VEGFA, vascular endothelial 
growth factor A; JAK2, janus kinase 2; JUN, c-jun, 
AP-1 transcription factor subunit; PIK3CA, phos-
phatidylinositol 3-kinase catalytic subunit alpha; 
IGF1R, insulin-like growth factor 1 receptor; MUC1, 
mucin 1, cell surface associated; and PDGFRB, plate-
let derived growth factor receptor beta. The results of 
the topological analysis revealed that degree central-
ity ranged from 128 to 239 and betweenness centrality 
from 0.00342065 to 0.0131197 (Table 1). Gene ontol-
ogy terms, main gene function and overexpression in 
tissues are shown in Table 1. Some genes have ubiqui-
tous expression (Table 1).

Protein clusters
After identifying the most important protein-coding 
genes in the network, further analysis was performed 
on the network. As previously mentioned, the net-
work is made up of genes overlapping between IUGR 
and conditions representing cardiovascular risk such 
as obesity, HTN and MS. Therefore, we proceeded 
to locate dense areas of protein complexes and then 
continued with the identification of ontology terms 
involved in each of the clusters found (Figure 3). Clus-
ters with less than 3 nodes were excluded because 
they could show unreliable results in the determina-

tion of ontology terms. As result, eight clusters were 
identified, made up of 5 to 50 nodes (Figure 3)

DISCUSSION
To our knowledge, this study is the first to use net-
work analysis to evaluate the complex interaction be-
tween IUGR and the phenotypes of obesity, HTN, and 
MS, in search of cardinal genes that could potentially 
function as putative biomarkers of the development of 
these phenotypes in individuals who presented with 
IUGR or that could be used as potential therapeutic 
targets.

We identified a total of 20 genes that were signifi-
cantly relevant in the analysis of the interaction net-
work; most of these genes were related to intracellular 
signaling pathways associated with response to organ-
ic substances and positive regulation of cellular bio-
synthesis. According to the results obtained, at least 
four of the genes identified encode for growth factors 
or their receptors: VEGFA, PDGFRB, EGFR and IG-
F1R. The identification of IGF1R stands out, as its li-
gand, insulin-like growth factor 1 (IGF1), synthesized 
in the liver, though ubiquitously expressed, can modu-
late carbohydrate and lipid metabolism. The release 
of IGF1 is stimulated by the growth hormone and in-
sulin. When caloric restriction is present, IGF1 levels 
decrease and its synthesis in the liver is refractory to 
growth hormone stimulation. (31) This process limits 
growth and protein synthesis when nutrient avail-
ability is compromised. In pathophysiological states, 
including increased insulin resistance, the number of 
IGF1R changes significantly, potentially abrogating 
the chance of IGF1 to alter glucose metabolism, and is 

Fig. 2. Unified genetic in-
tegration network of 343 
nodes with 12,633 interac-
tions. The node diameter is 
directly related to degree 
centrality and the color to 
betweenness, where the clos-
er to red color, the higher the 
value for that gene
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Table 1. Top 20 central genes of the interaction network Genes with ubiquitous distribution are identified with*

EGFR

MAPK1

STAT3

CTNNB1

MAPK3

TP53

APP

PIK3R1

239

239

214

211

210

204

193

179

7p11.2

22q11.22

17q21.2

3p22.1

16p11.2

17p13.1

21q21.3

5q13.1

0.0131197

0.00933646

0.01061652

0.00990833

0.00675088

0.00518495

0.01175245

0.00742799

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

positive regulation of cellular biosyn-

thesis, regulation of phosphatidylinosi-

tol 3-kinase signaling, enzyme binding, 

phosphatase binding, identical protein 

binding, phosphatase binding, phos-

photransferase activity, alcohol group 

as acceptor, focal adhesion, membrane 

raft

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of phosphatidylinosi-

tol 3-kinase signaling, enzyme binding, 

phosphatase binding, identical protein 

binding, phosphotransferase activity, 

alcohol group as acceptor, focal adhe-

sion, membrane raft

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

enzyme binding, phosphatase binding, 

identical protein binding, transcription 

factor binding, RNA polymerase II tran-

scription factor complex 

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

positive regulation of cellular biosyn-

thesis, enzyme binding, phosphatase 

binding, transcription factor binding, 

focal adhesion, RNA polymerase II 

transcription factor complex, mem-

brane raft

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of phosphatidylinosi-

tol 3-kinase signaling, enzyme binding, 

phosphatase binding, identical protein 

binding, focal adhesion, phosphotrans-

ferase activity, alcohol group as accep-

tor, membrane raft

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

enzyme binding, phosphatase binding, 

identical protein binding, transcription 

factor binding, p53 binding, RNA poly-

merase II transcription factor complex

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

cellular response to organic substance, 

enzyme binding, identical protein bind-

ing, membrane raft

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of phosphatidylinosi-

tol 3-kinase signaling, enzyme binding, 

phosphatase binding, transcription 

factor binding, RNA polymerase II tran-

scription factor complex

Epidermal growth 

factor receptor

Mitogen-activated 

protein kinase 1

Signal transducer 

and activator of 

transcription 3

Catenin beta 1

Mitogen-activated 

protein kinase 3

Tumor suppressor 

protein 53

Amyloid precursor 

protein

Phosphoinositide-

3-kinase regulatory 

subunit 1

Placenta, breast, skin, 

liver, adipose tissue

Basal ganglia, cerebral 

cortex, amygdala, skel-

etal muscle

Liver, cardiac muscle, 

granulocytes, skeletal 

muscle, vagina, smooth 

muscle

*Ovary, placenta, endo-

metrium, cerebellum, 

retina, smooth muscle, 

thyroid gland

*Amygdala, cerebral 

cortex, small intestine, 

colon, esophagus

Thymus, ovary, ap-

pendix, lymph nodes, 

esophagus, skin

*Nervous system, kid-

ney, adrenal gland, 

breast tissue, placenta, 

smooth muscle, heart 

muscle 

*Salivary gland, bone 

marrow, skeletal mus-

cle, liver, breast tissue, 

cerebral cortex, smooth 

muscle, heart muscle

Transmembrane glycopro-

tein.  Positive regulation 

of cell proliferation and 

migration. 

Depending on the cellular 

context it mediates diverse 

biological functions such 

as cell growth, adhesion, 

survival and differentia-

tion. 

Cellular responses to 

growth factors. Maintains 

steady state in the β-cells

Creation and maintenance 

of epithelial cell layers. 

Involved in regulation of 

insulin internalization.

Apoptosis, cell prolifera-

tion, adhesion, differentia-

tion, endosomal dynamics 

and cell survival. 

Transcription factor 

with antitumoral activity 

through negative regula-

tion of genes involved in 

cell proliferation. 

Cell surface receptor and 

transmembrane precursor.  

Involved in cell motility and 

transcription regulation. 

Related to internalization 

of amyloid-beta peptide 

leading to mitochondrial 

dysfunction.

Insulin metabolism. Mod-

ulates cellular response 

to endoplasmic reticulum 

stress.

Degree 
ofcentrality

LocusBetweenness 
centrality

GO termsProtein Overexpression 
in tissue

Overexpression 
in tissue

Gene

(continue)
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Degree 
ofcentrality

LocusBetweenness 
centrality

GO termsProtein Overexpression 
in tissue

Overexpression 
in tissue

Gene

MYC

ESR1

HIF1A

CDKN1A

MDM2

VEGFA

JAK2

JUN

PIK3CA

168

158

157

150

149

145

143

143

136

0.00936675

0.00630876

0.00598343

0.00635673

0.00535669

0.00646737

0.01015

0.00874665

0.00425497

Proto-oncogene 

bHLHe39, basic 

he l i x - loop-he l i x 

protein 39

Estrogen receptor-

alpha

Hypoxia-inducible 

factor 1 subunit 

alpha

Cyclin-dependent 

kinase inhibitor 1A

MDM2 proto-on-

cogene

Vascular endothe-

lial growth factor A

Janus kinase 2

C-jun, AP-1 tran-

scription factor 

subunit

Phosphoinositol-

3-kinase catalytic 

subunit 1 alpha

8q24.21

6q25.1-

q25.2

14q23.2

6p21.2

12q15

6p21.1

9p24.1

1p32.1

3q26.32

Cell-cycle progression and 

differentiation. Promotes 

angiogenesis. Regulator of 

somatic reprogramming, 

as it controls self-renewal 

of embryonic stem cells. 

Regulates cellular pro-

cesses including growth, 

differentiation and func-

tion of the reproductive 

system. Maintenance of 

skeletal cardiovascular and 

nervous system homeo-

stasis.

Master regulator of hy-

poxic response. Embryonic 

vascularization, angiogen-

esis and pathophysiology 

of ischemic disease.

Negative regulation of 

cell cycle progression and 

response to DNA damage. 

Mediates ubiquitination 

and degradation of p53/

TP53, promoting tumor 

development. Negative 

regulation of AMPA recep-

tors, necessary for baror-

receptor reflex function in 

response to blood pressure 

changes.

Angiogenesis, vasculogen-

esis and endothelial cell 

growth. Related to micro-

vascular complications of 

diabetes.

Signaling events in innate 

and adaptive immunity. In 

the cytoplasm it mediates 

signal transduction of hor-

mones as leptin, prolactin, 

erythropoietin and throm-

bopoietin. Phosphorylates 

STAT.

Transcription factor that 

increases steroidogenic 

gene expression. Involved 

in malignant tumors and 

optic nerve hypertensive 

injury.

Participates in cellular 

signaling in response to 

growth factors as insulin, 

VEGFA or PDGF. Partici-

pates in cardiomyogenesis 

in embryonic stem cells 

through a AKT1 pathway. 

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

transcription factor binding, RNA poly-

merase II transcription factor complex

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, enzyme binding, phosphatase 

binding, identical protein binding, 

transcription factor binding, RNA poly-

merase II transcription factor complex

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

enzyme binding, phosphatase binding, 

transcription factor binding, p53 bind-

ing, RNA polymerase II transcription 

factor complex

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

enzyme binding, phosphatase binding, 

phosphotransferase activity, alcohol 

group as acceptor, RNA polymerase II 

transcription factor complex

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

enzyme binding, identical protein bind-

ing, phosphatase binding, p53 binding

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

identical protein binding, focal adhe-

sion

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

regulation of phosphatidylinositol 

3-kinase signaling, enzyme binding, 

phosphatase binding, identical protein 

binding, phosphotransferase activity, 

alcohol group as acceptor, focal adhe-

sion, membrane raft

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

enzyme binding, identical protein 

binding, transcription factor binding, 

phosphatase binding, RNA polymerase 

II transcription factor complex

Cellular response to organic substance, 

regulation of phosphatidylinositol 3-ki-

nase signaling, phosphotransferase 

activity, alcohol group as acceptor, 

RNA polymerase II transcription factor 

complex

*Skin, skeletal muscle, 

adipose tissue, pan-

creas, Fallopian tube, 

T-cells, lymphoid tissue

Endometrium, cervix, 

epididymis, smooth 

muscle, breast tissue

*Bone marrow, kidney, 

adrenal gland, vessel, 

granulocytes, cervix, 

lungs

*Small intestine, liver, 

skeletal muscle, adi-

pose tissue, esophagus, 

colon

*Thymus, liver, placen-

ta, bone marrow, pan-

creas, skeletal muscle, 

granulocytes

*Thyroid gland, liver, 

heart muscle, endome-

trium, skeletal muscle, 

urinary bladder, pros-

tate

Granulocytes, cardiac 

muscle, vessel, lymph 

nodes, skin

*Female reproductive 

system, bone marrow, 

adipose tissue, thyroid 

gland, skin, lung

*Thymus, bone mar-

row, parathyroid gland, 

cerebral cortex, breast, 

adipose tissue

(continuation)

(continue)



33CARDINAL GENES IN IUGR DISEASE PROGRAMMING / Ivan D. Acevedo et al. 

Degree 
ofcentrality

LocusBetweenness 
centrality

GO termsProtein Overexpression 
in tissue

Overexpression 
in tissue

Gene

IGF1R

MUC1

PDGFRB

130

129

128

0.00415681

0.00825035

0.00342065

Insulin-like growth 

factor 1 receptor 

Epithelial mucin 1

Platelet derived 

growth factor re-

ceptor beta

15q26.3

1q22

5q32

Survival of malignant cells. 

Activation of PI3K-AKT/PKB 

and Ras-MAPK signaling 

pathways, inhibiting apop-

tosis and increasing cellular 

proliferation. 

Plays a role in forming pro-

tective mucous barriers on 

epithelial surfaces.  Intracel-

lular signaling of ERK, SRC, 

NF-kappa-B and Ras/MAPK 

pathways.  

Mitogen for cells of mes-

enchymal origin. Essential 

for normal development of 

the cardiovascular system. 

Involved in internalization 

of receptors, angiogen-

esis, migration of vascular 

smooth muscle cells and 

rearrangement of the actin 

cytoskeleton

Cellular response to organic substance, 

regulation of cell proliferation, regula-

tion of phosphatidylinositol 3-kinase 

signaling, identical protein binding, 

phosphotransferase activity, alcohol 

group as acceptor, RNA polymerase II 

transcription factor complex

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, p53 binding, membrane raft, 

RNA polymerase II transcription factor 

complex

Cellular response to organic substance, 

positive regulation of cellular biosyn-

thesis, regulation of cell proliferation, 

regulation of phosphatidylinositol 3-ki-

nase signaling, enzyme binding, phos-

phatase binding, phosphotransferase 

activity, alcohol group as acceptor, fo-

cal adhesion, membrane raft

*Seminal vesicle, ovary, 

cerebellum, pancreas, 

prostate, smooth mus-

cle, placenta

Gallbladder, kidney, 

lung, stomach, pan-

creas, esophagus

Female reproductive 

system, adipose tissue, 

smooth muscle, skel-

etal muscle, cardiac 

muscle

(continuation)
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Fig. 3. Protein clusters and the most significant ontology terms identified. Ontology terms in blue correspond to biological 
processes, in orange to cellular compartments, and in green to molecular function
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therefore associated with the development or perpetu-
ation of MS.  (32)

On the other hand, the identification of four cardi-
nal genes that are expressed in tissues closely related 
to the phenotypes studied, such as the placenta, dif-
ferent types of muscle and adipose tissue is interest-
ing, as they have not yet been evaluated in practice as 
biomarkers of the phenotypes included in this study.

The CTNNB1 gene is involved in insulin internali-
zation and its protein expression has been found to be 
a signaling pathway involved in cardiac hypertrophy, 
(33) in addition to negatively modulate adipocyte dif-
ferentiation. (34) Thus, this gene may be of interest 
for the three phenotypes studied.

The identification of the APP gene, which is ex-
pressed in the placenta and in cardiac and smooth 
muscle tissue, according to HPA analysis, is related 
to cellular transcription processes. The identification 
is this gene is interesting, as it is commonly associ-
ated with Alzheimer's disease, but is currently also 
associated with MS. The intracellular insulin signal-
ing pathway is involved in the metabolism of amyloid 
protein, which can bind to insulin receptors triggering 
their internalization, thus decreasing the response of 
neurons to insulin and promoting insulin resistance. 
(35)

In addition, the identification of two proto-onco-
genes, MYC and MDMD2 in the analysis of gene inter-
action networks highlights the relevance of cell-cycle 
progression and differentiation processes. Both proto-
oncogenes involved in maintaining cardiovascular ho-
meostasis have been poorly explored in the literature 
in relation with these phenotypes, and their inclusion 
as potential biomarkers or therapeutic targets is also 
of interest.

Moreover, cluster analysis provided us with the 
most significant gene ontology terms, which were 
classified according to the value of FDR or corrected 
p value, so that significance was higher the lower the 
value obtained. The most outstanding ontological 
terms are those related to the biological processes of 
proliferation and programmed cell death, intercellu-
lar communication, protein metabolism and develop-
ment of the cardiovascular system. These findings are 
consistent with the evidence showing that these pro-
cesses are key factors for the development of organ 
and tissue disorders. (9, 36) We also found that the 
genes identified encode for proteins that can be found 
in the extracellular compartment, allowing for their 
effective use as biomarkers, and their molecular func-
tions are closely related to growth factors and DNA 
stability. 

The main strength of this study was the use of 
information globally available, by processing and 
analyzing data from different levels of biological in-
formation. We also used methods with highly reliable 
statistical analysis. This analysis also helps to guide 
further studies, reducing the time and resources need-
ed for the evaluation of biomarkers and therapeutic 

targets, and allowing for a more targeted approach.
However, there are certain limitations as popula-

tion variability in the results obtained, and these find-
ings should be confirmed by experimental evaluation. 
Nevertheless, the use of six databases to initially ob-
tain the set of genes for each phenotype, together with 
the use of three different tools to establish the genetic 
interaction networks, ensures that they complement 
each other.

In conclusion, the genes found in this study could 
be useful as putative biomarkers for the presence of 
cardiovascular and metabolic disorders associated 
with IUGR or could be useful as potential therapeu-
tic targets of treatment strategies directed to the pa-
tient's genotype.

Author contribution criteria
IDAM: Data collection, analysis and interpretation, 
manuscript drafting; DAS, AT, RE, CA: Data interpre-
tation and manuscript review; CC: Design, data inter-
pretation, manuscript drafting and review

Conflicts of interest
None declared. 

(See authors’ conflicts of interest forms on the website/
Supplementary material)

Sources of funding
This study was supported by grants from the University 
of Buenos Aires (UBA) [UBACYT 20020170200093BA, 
2018-2019; 20020190200227BA, 2020-2021] and Institute 
of Drug Chemistry and Metabolism (Instituto de Química y 
Metabolismo del Fármaco) (IQUIMEFA), UBA-CONICET, 
Argentina.

1. Armengaud JB, Yzydorczyk C, Siddeek B, Peyter AC, Simeoni U. 
Intrauterine growth restriction: clinical consequences on health and 
disease at adulthood. Reprod Toxicol 2020; 99:168-76. doi: 10.1016/j.
reprotox.2020.10.005.
2. ACOG Practice Bulletin No. 204. Obstet Gynecol 2019;133: e97-
e109. doi:10.1097/aog.0000000000003070
3. Fescina RH, De Mucio B, Martínez G, Alemán A, Sosa C, Mainero 
L, Rubino M. Vigilancia del crecimiento fetal: manual de autoin-
strucción. 2 ed. Montevideo: CLAP/SMR; 2013. (CLAP/SMR. Publi-
cación científica; 1586).
4. Unterscheider J, Daly S, Geary MP, Dicker P, Tully EC, Malone 
FD. Optimizing the definition of intrauterine growth restriction: the 
multicenter prospective PORTO Study. Res Obstetr 2013; 208:290.
e1-290.e6. doi: 10.1016/j.ajog.2013.02.007
5. Menéndez-Castro C, Rascher W, Hartner A. Intrauterine growth 
restriction - impact on cardiovascular diseases later in life. Mol Cell 
Pediatr 2018;5:4. doi: 10.1186/s40348-018-0082-5.
6. Crispi F, Miranda J, Gratacos E. Long-term cardiovascular conse-
quences of fetal growth restriction: biology, clinical implications, and 
opportunities for prevention of adult disease. Am J Obstet Gynecol 
2018;218(2S):S869-S79. doi: 10.1016/j.ajog.2017.12.012.
7. Barker DJ, Osmond C. Infant mortality, childhood nutri-
tion, and ischaemic heart disease in England and Wales. Lancet 
1986;1(8489):1077-81. doi: 10.1016/s0140-6736(86)91340-1.
8. Barker DJ. The developmental origins of adult disease. J Am Coll Nutr 
2004;23(6 Suppl):588S-95S. doi: 10.1080/07315724.2004.10719428.
9. Tomat AL, Veiras LC, Aguirre S, Fasoli H, Elesgaray R, Caniffi C, 
et al. Mild zinc deficiency in male and female rats: early postnatal 
alterations in renal nitric oxide system and morphology. Nutrition 

REFERENCES



ARGENTINE JOURNAL OF CARDIOLOGY / VOL 89 Nº 1 / FEBRUARY 202136

2013;29:568-73. doi: 10.1016/j.nut.2012.09.008.
10.	 Nyrnes SA, Garnæs KK, Salvesen Ø, Timilsina AS, Moholdt T, 
Ingul CB. Cardiac function in newborns of obese women and the 
effect of exercise during pregnancy. A randomized controlled trial. 
PLoS One 2018;13:e0197334. doi: 10.1371/journal.pone.0197334.
11.	 Van De Maele K, Devlieger R, Gies I. In utero programming and 
early detection of cardiovascular disease in the offspring of mothers 
with obesity. Atherosclerosis 2018;275:182-95. doi: 10.1016/j.athero-
sclerosis.2018.06.016.
12.	 Devaskar SU, Chu A. Intrauterine Growth Restriction: Hungry 
for an Answer. Physiology (Bethesda) 2016;31:131-46. doi: 10.1152/
physiol.00033.2015.
13.	 Fall CHD. Fetal programming and the risk of noncommunica-
ble disease. Indian J Pediatr 2013;80 Suppl 1:S13-20. doi: 10.1007/
s12098-012-0834-5.
14.	 Briffa JF, Wlodek ME, Moritz KM. Transgenerational program-
ming of nephron deficits and hypertension. Semin Cell Dev Biol 
2020;103:94-103. doi: 10.1016/j.semcdb.2018.05.025.
15.	 Cuarta Encuesta Nacional de Factores de Riesgo para Enferme-
dades no Transmisibles. Ministerio de Salud y Desarrollo Social de 
la Nación Argentina. 2019.
16.	 Amihăesei IC, Chelaru L. Metabolic syndrome a widespread 
threatening condition; risk factors, diagnostic criteria, therapeutic 
options, prevention and controversies: an overview. Rev Med Chir 
Soc Med Nat Iasi 2014;118:896-900.
17.	 Landrum MJ. Lee JM, Benson M, Brown GR, Chao C, Chitipi-
ralla S, et al. ClinVar: improving access to variant interpretations 
and supporting evidence. Nucleic Acids Res 2018;46:D1062-7, 
doi:10.1093/nar/gkx1153
18.	 Pinero J, Queralt-Rosinach N, Bravo À, Deu-Pons J, Bauer-Meh-
ren A, Baron M, Sanz F, et al. DisGeNET: a discovery platform for 
the dynamical exploration of human diseases and their genes. Data-
base (Oxford) 2015;2015:bav028. doi:10.1093/database/bav028
19.	 Buniello A, MacArthur JAL, Cerezo M, Harris LW, Hayhurst J, 
Malangone C, et al. The NHGRI-EBI GWAS Catalog of published 
genome-wide association studies, targeted arrays and summary sta-
tistics 2019. Nucleic Acids Res 2019:47: D1005-12, doi:10.1093/nar/
gky1120
20.	 Mattingly CJ, Colby GT, Forrest JN, Boyer JL. The Compara-
tive Toxicogenomics Database (CTD). Environ Health Perspect 
2003;111:793-5, doi:10.1289/ehp.6028
21.	 Szklarczyk, D. et al. STRING v10: protein-protein interac-
tion networks, integrated over the tree of life. Nucleic Acids Res 
2015;43:D447-52, doi:10.1093/nar/gku1003
22.	 Kamburov A, Pentchev K, Galicka H, Wierling C, Lehrach H, 
Herwig R, et al. Consensus PathDB: toward a more complete picture 
of cell biology. Nucleic Acids Res 2011;39:D712-7, doi:10.1093/nar/
gkq1156
23.	 Warde-Farley D, Donaldson SL, Comes O, Zuberi K, Badrawi R, 
Chao P, et al. The GeneMANIA prediction server: biological network 

integration for gene prioritization and predicting gene function. 
Nucleic Acids Res 2010;38:W214-20, doi:10.1093/nar/gkq537
24.	 Shannon P, Markiel A, Ozier O, Baliga NS, Wang JT, Ramage D, 
et al. Cytoscape: a software environment for integrated models of 
biomolecular interaction networks. Genome Res 2003;13:2498-504, 
doi:10.1101/gr.1239303.
25.	 Pavlopoulos GA, Secrier M, Moschopoulos CN, Soldatos TG, 
Kossida S, Aerts J, et al. Using graph theory to analyze biological 
networks. BioData Min 2011;4:10. doi:10.1186/1756-0381-4-10.
26.	 Xiong W, Xie L, Zhou S, Liu H, Guan J. The centrality of can-
cer proteins in human protein-protein interaction network: a re-
visit. Int J Comput Biol Drug Des 2014;7:146-56. doi:10.1504/
IJCBDD.2014.061643
27.	 Uhlén M, Fagerberg L, Hallström BM, Lindskog C, Oksvold P, 
Mardinoglu A, et al. Proteomics. Tissue-based map of the human 
proteome. Science 2015;347:1260419, doi:10.1126/science.1260419.
28.	 Bader GD, Hogue CW. An automated method for finding molecu-
lar complexes in large protein interaction networks. BMC Bioinfor-
matics 2003;4:2. doi:10.1186/1471-2105-4-2.
29.	 Raudvere U, Kolberg L, Kuzmin I, Arak T, Adler P, Peterson H, 
Vilo J, et al. g:Profiler: a web server for functional enrichment analy-
sis and conversions of gene lists (2019 update). Nucleic Acids Res 
2019;47:W191-W198, doi:10.1093/nar/gkz369.
30.	 Supek F, Bosnjak M, Skunca N, Smuc T. REVIGO summarizes 
and visualizes long lists of gene ontology terms. PloS One 2011; 
6:e21800. doi:10.1371/journal.pone.0021800
31.	 Clemmons DR. Involvement of insulin-like growth factor-I in the 
control of glucose homeostasis. Curr Opin Pharmacol 2006;6:620-5. 
doi: 10.1016/j.coph.2006.08.006.
32.	 Aguirre GA, Rodríguez De Ita J, de la Garza RG, Castilla-Cor-
tazar I. Insulin-like growth factor-1 deficiency and metabolic syn-
drome. J Transl Med. 2016;14:3. doi: 10.1186/s12967-015-0762-z.
33.	 Hoogeboom D, Burgering BM. Should I stay or should I go: beta-
catenin decides under stress. Biochim Biophys Acta. 2009;1796:63-
74. doi: 10.1016/j.bbcan.2009.02.002.
34.	 Lee SH, Kim B, Oh MJ, Yoon J, Kim HY, Lee KJ, Lee JD, Choi 
KY. Persicaria hydropiper (L.) Spach and its Flavonoid Components, 
Isoquercitrin and Isorhamnetin, Activate the Wnt/β-catenin Pathway 
and Inhibit Adipocyte Differentiation of 3T3-L1 Cells. Phytother 
Res 2011;25:1629–35. doi: 10.1002/ptr.3469
35.	 Campos-Peña V, Toral-Ríos D, Becerril-Pérez F, Sánchez-Torres 
C, Delgado-Namorado Y, Torres-Ossorio E, et al. Metabolic Syn-
drome as a Risk Factor for Alzheimer's Disease: Is Aβ a Crucial Fac-
tor in Both Pathologies? Antioxid Redox Sign 2017;26:542-60. doi: 
10.1089/ars.2016.6768.
36.	 Cañas D, Herrera EA, García-Herrera C, Celentano D, Krause 
BJ. Fetal Growth Restriction Induces Heterogeneous Effects on 
Vascular Biomechanical and Functional Properties in Guinea 
Pigs (Cavia porcellus). Front Physiol 2017;8:144. doi: 10.3389/
fphys.2017.00144.


	Botón 276: 
	Botón 277: 
	Botón 278: 
	Botón 279: 
	Botón 280: 
	Botón 281: 


