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A necessary condition for mobility to reduce thepplar desire for redistribution is a significantsfiive correlation between
inequality and mobility. In Prieto et al. (2008)significant positive relationship was found at tregional level. The objective of
this study is to establish empirically whether saatelationship is maintained at the regional leVélk indices are calculated for
the set of EU regions using the European Commutdysehold Panel survey. Total mobility is decomposgo three terms:

growth, dispersion and exchange. By estimatingeanthical linear model, it is shown that this fiusirelationship is robust.
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I.  Introduction

Recent literature establishes that social demandefdistribution has two main determinants: soamalbility and
beliefs regarding whether income differences arme tdueffort or luck. Piketty (1996) finds that stger beliefs that
income differences are the result of luck togethi¢ih lower social mobility increase the level ofpport for income
redistribution. Ravallion and Lokshin (2000), Cavnand Gruner (2002) and Fong (2001) confirm thesailts:
greater mobility reduces the popular desire foistebution; and a firm belief that individual effais the principal
cause of income dispersion similarly produces atgreaversion to redistributive policies. In thantext, Prieto et

al. (2008) estimate the relationship between sawiability and income inequality for countries inetliEuropean
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Union. They find a significant positive relationghibetween both variables. Therefore, a necessanrtglitoan for
social mobility to diminish the social predilectior redistribution is fulfilled.

In this paper, we contrast the relationship betwireguality and mobility at the regional level. Thdvantages
of this approach are the following. First, it allews to contrast the sensitivity and robustnesBrito et al.’s
results. For this task, we use a more accurataitiefi of income and a hierarchical linear modelahhallows us to
consider individual effects not only by country lalso by region. Furthermore, we take the effeaarfh mobility
component as the average effect over all possibrdposition sequences instead of just one decotigmos
sequence as in Prieto et al. (2008). Second, thexdarge gain in sample size when the study sedan regional
observations. If we study the relationship for hye3-year and 5-year mobility, we make use of 889 and 209
observations (or regions) instead of 94, 66 an@&3ervations (or countries), respectively. Thedase in sample
size guarantees a gain in the statistical sigmfiesof the results. Third, redistributive policirghe European Union
(EU) are determined not only at the national Ielvet also at the regional level. In fact, a mix @ftional and
regional policies determines the degree of redigtion. Therefore, results at the regional level @so required to
understand redistributive policies in Europe.

The source of the data used in this paper is thegean Community Household Panel (hereafter ECHP),
which has the significant advantage of being a tgeneous panel database; it thus permits a moretig@analysis
of income distribution in the various regions oé tBuropean UniohWe use the Theil 1 inequality index (Theil,
1967) and the indices of social mobility proposgd-telds and Ok (1999) for the European regionsteduer, total
mobility is decomposed into three distinct termshifity due to economic growth, mobility produced dispersion
and exchange mobility resulting from rerankinig.is thus possible to determine which type of ifigbis the most
important factor when attempting to explain theatieihship between inequality and social mobilityrthermore,
the mobility indices are calculated for periods afe, three and five years to contrast their rolasstn These
different time periods allow for an analysis of gensitivity of the results, bearing in mind theieas hypotheses
that exist regarding mobility in the short, mediamd long term. After computing all indices, a hiehécal linear

model shows that a positive and significant ref&hip exists between mobility and income inequaditythe

! Many papers adopt a regional perspective to aeatysome distribution, however they typically focos just one of these variables. See
Ezcurra et al. (2005) for inequality in the Eurap&mion, Dickey (2001) for income inequality in thK and Salas (1999) for mobility in Spain.

2 The first term isolates the increase in the meanrhe of the distribution produced by economic ghowhe second term evaluates the variation
in the inequality of distribution without incomeibg reranked. Finally, the third term shows the niagle of the rerankings among incomes.
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regional level. This relationship corroborates thleustness of the link between greater social ritplgihd reduced
demand for redistribution.

In the following section, various inequality and ity indices employed in the current study arsdéed, as
is the decomposition of total mobility that is perhed. In Section Ill, we comment on the databaskretions of
income inequality used in this article. Section pyesents the results, and finally, Section V presidhe main

conclusions of the study.

I1. Mobility and incomeinequality indices

The literature has provided a substantial numbeindices for the measurement of social mobilitygluding
Shorrocks (1978a and 1978b), King (1983), Chaktsetral. (1985), Cowell (1985), Dardanoni (1998 d&ields
and Ok (1996 and 1999). Furthermore, several deositigns of mobility have been proposed (see, anathgrs,
Markandaya, 1982; Ruiz-Castillo, 2004, and Van Ke2004). Concretely, social mobility may be decosgabinto
three different components: growth, dispersion archange. The first of these isolates the incréaghe mean
income of the distribution produced by economicwglo The dispersion component evaluates the degragich
income convergence occurs by studying the variatiadhe inequality of distribution without incomeihg reranked.
Finally, the exchange component shows the magnibfdthe rerankings among incomes. In this studygiado
mobility is decomposed into growth, dispersion ardhange terms.

Let X = (Xy,..., Xy) be the initial income distribution defined firhouseholds. We shall defidé€ as the vector
of equivalent incomes, that is, monetary incomesddd by the equivalence scade Therefore, for example, for

household the equivalent income is defined as

XE& = Xi (1)

whereN; is the number of household members, ans the equivalence scale, where & < N,. Let us adopt the
parametric scale proposed in Buhmann e18188) and Coulter et g11992):

e(N)=N7, 0<a<1. (2)

3 Prieto et al. (2002) study the relationship betwerchange mobility and inequality for the EU coigst using a reranking index and a family of
generalised Gini indices (see Donaldson and Weym&&0 and 1983 and Yitzhaki, 1983, respectively).
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As is usual in this literature (see for example @EC005 and Rodriguez et al., 2005), wedet 0.5 . Moreover,
we weight each household by the number of meminetisel household, following Ebert (1997 and 1998) Bbert

and Moyes (2000). We shall assume that the veétequivalent incomeX® is ranked in ascending order:
0< X\ < XS <..€X (3)

Consequently, we can evaluate the inequality inmeposed in Theil (1967) in the initial period as:

R 1 & x° X ¢ (4)
T(X®)=— L |n -
N iz=1 H x H x

wheregy is the mean of equivalent incomes in the initiedipd.

The final distribution of equivalent income ige = (YS, YSos YE) where Y¢ is ordered from lowest to

highest. Therefore, the Theil 1 inequality indextie final period is:

e

ey - 1 &y, y: (5)
T(Y®) = — i Lo
N izz:l Hy Hy

where is the mean of equivalent incomes in the finalquer

Mobility is measured using the approach proposdeeids and Ok (1999), namely, the transformadén Y

(6)

M (X °,Y°) = %le‘ln( ye) - In(x¢)
Total mobility is decomposed into three elementsbifity due to growth ¥1°), mobility resulting from dispersion
(MP) and exchange mobilityMF). To this end, we follow Van Kerm (2004) and defig (X ; X*), D(X; X1
and E(X; X *)as three functions that, when applied to the incametor X with income vectorX" used for

calibration, generate growth, dispersion and exghacomponents, respectively. In particular, we imisthe

following transformation functions (see Van Kerrd02):

G(x;xl):ﬂ—lx @)
U

D(X; XY =*Rx ®)
U

E(X; XY =PX 9)



wherep andp® are the means of and X", respectivelyR is anN x N diagonal matrix with elementx Yoy | X

(r(x) is the rank order of; in vectorX), andP is aN x N permutation matrix that ranks the income veétbin
increasing order. The functio@ isolates the change in the mean incom& giroduced by economic growth, the
functionD evaluates the variation in the inequality>ofithout income being reranked, and the functiosorts the
income vectorX in the order ofX'. For example, if we apply the sequence growthatisipn-exchange, we obtain

the following components:

MC (XY =M (X G(X®Y®)) (10)
MP(XEYe)=M (XS, DoG(X%Y®) =M (X G(XY®)) (11)
ME(XSYS)=M(XEY®)-M (X%, DoG(X®Y®) (12)

whereM (X°,Y*)=M®+MP+MFE.

Unfortunately, this decomposition is sequentiadittis, it depends on the sequence adopted to inteothe
components. Therefore, the sequence growth-dispeesichange adopted in Prieto et al. (2008) is s
possibility among a total of 3! decompositions. daal with a situation in which all sequences angally relevant,
we apply the Shapley valdeThe procedure emerges from cooperative game thetrigh considers the impact of
eliminating each component in succession, and tharaging these effects over all sequences (Rod§%s,
Chantreuil and Trannoy, 1999, Sastre and Trannm@§2 2Rodriguez 2004). This decomposition has tharmtdge of

being exact and symmetric.

I11. Database
The database used in this paper is the Europeanm@aity Household Panel (ECHP). It is a homogenquars!

database that permits a rigorous analysis of inadistebution in the various regions of the Eurapé&inion. Indices
for social mobility and inequality are computed fbe 75 regions of the European Union in the peti®8i4-2001.
Note that the data for Sweden in the ECHP are tefdeeross-sections. Accordingly, we disregard tamme

regions in Sweden. Regional divisions are based arix of NUT-0 (Denmark, the Netherlands and Luxangp

4 If the decomposition is hierarchical two variaofsthe Shapley value can be applied: the nestegl&hand the Owen value (Sastre and
Trannoy, 2002, Rodriguez, 2004).



and NUT-1 classificationsThe only exception is Portugal where regions afindd using the NUT-2 classification,
as the NUT-1 division considers the continentaittaty as a whole. Furthermore, the city districf8erlin, Bremen
and Hamburg in Germany are aggregated togetherthatisurrounding regions of Brandenburg, Niedersactand
Schleswig-Holstein, respectively. As an illustratiof our dataset, we display the sample size ofébaolds within

each region for the fourth wave in the databasar(¥697) in Table 1.

[Table 1 about here]

Since the countries included in this database dtdenter the panel at the same year, we haveHasseight
years of data for each region. However, a balarmaukl within countries is used to guarantee theiired
observation persistence. Moreover, the income quneged in this study is the “current householdime”. Other
studies have considered the “annual total incom#nénpreceding calendar year”; however, changdsoirsehold
structure during the previous calendar year andidren the previous calendar year and the interviete dften lead
to measurement errors that specifically affect messof income mobility (Debels and Vandecaste20€8). For
this reason, we do not use the same income varniigle in Prieto et al. (2008) at the country lek@lally, a biased

estimation of inequality and mobility indices daeeixtreme data is avoided by dropping negativezand incomes.

1V. Estimation results

Figure 1 shows the indices for five-year mobilitydanequality for all panel years and all mobildgncepts for the
EU regions as a whole. A clear and positive coti@tacan be observed between the indices of sowiddility and
the inequality of income distribution. In fact, theoled ordinary least squares estimation for totability presents

an R equal to 0.50.

[Figure 1 about here]

® The term NUT refers to the nomenclature of terialounits for statistics. It provides a single aosherent territorial breakdown for the
compilation of EU regional statistics. A compleihg of the classification is available at
http://ec.europa.eu/eurostat/ramon/nuts/codelistfraflist=nuts.

% Since particularly high income values could leaddth inequality and mobility measures arbitrakilsge, we have also estimated the inequality
and mobility indices trimming the top 1% of the alaThe results were similar (they are shown inAbpendix); therefore the estimates in
Section IV can be considered robust.



A preliminary analysis shows that the observatiares apparently grouped by countries and/or regiahgsh
indicates that there exist individual effects i ttelationship between social mobility and incomequality. The
influence of institutional factors seems sufficlgnimportant in the short term to avoid strong wa#ions in the
mobility and inequality indices of a particular i@g. Accordingly, we control for individual effectsot only at the
regional level but also at the country level. Tisthnd, we estimate a hierarchical linear modeln{@an and
Trivedi, 2009), as the data have two nested groopsntries and regions. The hierarchical linear ehadn be
written as follows:

T =C+My B, +u; vy +&, (13)
whereM is a mobility index,T is an inequality indexg is an intercept, and the subscript andt represent the
country, region and time period under consideratiespectively. Note tha; denotes the unobservable regional
specific effect, whilev; denotes the unobservable structural effect (ceuntry- and time-specific effects). By
applying this hierarchical linear model we firstesfly a random intercept for each country, coninglifor the
business cycle by including time effects, i.e., agsume that the cycle effect may vary across degntfhen, a
random intercept and slope for each region araudted. In this manner, not only specific regionébetfs (that shift
the relation up and downwards) may exist but ale® glope that leads the relationship between idi#guend
mobility may be different for each region.

The hierarchical linear model can be estimateddnsible Generalized Least Squares, so its estirastanore
efficient. However, before implementing this estiima, we apply the likelihood test for the null logphesis that the
parameters are constant. Given the estimated madtelstatistic is distributed according te(%awith 4 degrees of
freedom. The critical values fagr= 0.01 ancb = 0.05 are 13.28 and 9.49, respectively. Therefoeeclearly reject
the null hypothesis in all cases (see Table 2), wadestimate a hierarchical linear model. Moreotee, global
significance of the regressors is contrasted bydakst which is distributed according to¢awith k degrees of
freedom, wheré is the number of parameters minus 1.

Inequality as measured by the Theil 1 index hamgrificant positive relationship with total mobilifor one
year. In particular, the positive coefficient foicome mobility (0.06473) is significant. Greaterhitity within the
set of European regions has produced an increasequality among them. Furthermore, this relatippss not

dependent upon the time period under consideralibat is, the correlation remains positive and ificent when



the explanatory variable of mobility is analyzedtlatee or five years; the coefficients are 0.03abd 0.10361,

respectively. In fact, the greatest positive cafit for mobility is achieved in the long-run.

[Table 2 about here]

To examine the factors explaining this positiverelation, we also present in Table 2 the resultslpced by
regressing inequality on the various component®tal mobility. Note that after controlling for dg; country and
region effects, the results for growth mobility shthat there exists a negative and significanttie@tahip between
inequality and the growth mobility index. The caefints for growth mobility at 1, 3 and 5 years af@.09431,
-0.14805 and -0.04484, respectively. Thereforewttds not the factor that accounts for the positielationship.
Besides, this negative relationship declines in lthrg-run. Inequality is positively related withethdispersion
mobility component. In fact, the positive and sfgr@int coefficient of the explanatory variable @649, 0.50897
and 0.5713 at 1, 3 and 5 years, respectively) &sa® over time. Finally, there is a significanthgitive relationship
when the explanatory variable is exchange mobidityall periods. The estimated coefficients ared872, 0.39467
and 0.45108 at 1, 3 and 5 years, respectively. ¥éetlsat the estimated coefficients are lower tthamsed for the
dispersion term of mobility.

It is thus shown, on the one hand, that the exptapgower of the growth factor is not statistigadignificant
and, on the other hand, that the dispersion andhagyge components explain the positive associatfototal
mobility with inequality. Nevertheless, the coeiffiots of the dispersion mobility component show treatest
magnitude. As expected, these estimations are signéficant than the results in Prieto et al. (2008 particular,
some variables are now statistically significant, é&xample, the growth mobility variable in the day and 3-year
regressions and the exchange mobility variablaénstyear regression.

Our analysis has considered only one particulaguinéty index, the so-called Theil 1 index. Otheequality
measures, such as the Gini index, the AtkinsonximmteGeneral Entropy measures could be used tokctiex
robustness of our results. For this task, we eséirttee correlation matrix of the Gini coefficiettte Atkinson 0.5
and 1 indices, and the Theil 0 and 1 indices. T&8hleports that the correlation between these iaéglindices is

high. In fact, the lowest correlation is 0.92, amdresponds to the correlation between the Ginimall 1 indices.



Consequently, we can be assured with little madfirerror that our results also hold for alternatimequality
measures.

Finally, we provide one possible explanation of oesults: because increased social mobility prosluce
greater change in the relative position of indidky inequality is seen as being less unacceptailandividual
may earn less than the average income prevailinigisiffher economy today, but tomorrow this persory marn
more. If social mobility is sufficiently high, th@oncerns produced by inequality may decrease, ligeszlucing the
demand for redistribution. This decreased sociaksure for redistribution would, in the end, resula greater
inequality of final income. Therefore, social mdtyiland redistribution would be positively correddt no exchange
occurs between these two variables. Moreover, tbgence of observations grouped by countries stgjtiest given
a set of economic restrictions, social preferemgtermine the combination of income dispersion soaal mobility

in each country.

V. Conclusions

To analyze the relationship between income andabogobility from a regional perspective, this stuslpvides
empirical evidence of the positive relationshipwestn these two variables. Greater social mobilibkes greater
inequality index values more tolerable. The refund in Prieto et al. (2008) is thus confirmedtet regional level.
However, the significance of Prieto et al.’s residtimproved by our estimations, which use a maoher number
of observations. Moreover, our analysis points that the common practice of basing the study of ilitpb

exclusively upon indices of reranking might bias thsults under certain circumstances.
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Figure 1. Inequality (Theil index) vs mobility (Fields and @idex)
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Table 1. Sample size of households by regions for year 1997

COUNTRY REGION
1 2 3 4 5 6 7 8 9 10 11 12
The Netherlands$ 2,816
Belgium 200 823 776
France 611 767 260 385 624 479 458 459
Ireland 1,041 327
Italy 367 429 454 221 444 205 273 436 576 389 279
Greece 1,129 893 635 407
Spain 535 541 323 649 744 650 211
Portugal 624 730 340 329 468 446 474
Austria 811 485 655
Finland 548 790 331 312 176
Germany 508 537 368 273 134 352 799 366 223 136 2324
Luxemburg 1,668
United Kingdom 236 362 296 169 1,052 323 327 384 191 337
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Table 2. Hierarchical linear models by region: 1994-2001
Dependent variable: Theil inequality index 1-yeaility 3-year mobility 5-year mobility
Constant 0.11364** 0.1205*** 0.05895***
(0.00942) (0.01162) (0.01419)
M 0.06473** 0.03714* 0.10361***
__________________________________________________________ (0.01756) | ______(001579) | . (0.01794)
Random-effects Parameters
Country random intercept
Standard deviation 0.01056 0.01099 0.02252
(0.00156) (0.00233) (0.00419)
Region
Standard deviation (N 0.0647- 0.0502¢ 0.0444!
(0.01845) (0.01840) (0.02394)
Standard deviation (intercept) 0.05479 05359 0.03205
,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,, (0.00884) | ______(0.01098) | ______(0.02096) ___
Wald's Test 13.581 5.5632 33.340
Likelihood test of parameter constancy 443.353 205.733 89.672
Constant 0.14507** 0.15873*** 0.14642%**
(0.00579) (0.00625) (0.01138)
M© -0.09431*** -0.14805*** -0.04484
__________________________________________________________ (0.03402) | . (0.02461) | (0.03675) ___
Random-effects Parameters
Country random intercept
Standard deviatic 0.0106( 0.0099: 0.0417-
(0.00146) (0.00181) (0.00828)
Region
Standard deviation () 0.1420¢ 0.0839: 0.1312(
(0.02792) (0.02775) (0.03789)
Standard deviation (intercept) 0.04628 0344 0.03460
__________________________________________________________ (0.00445) | .. (000521) |  (0.00999)
Wald's Test 7.685 36.189 1.488
Test of parameter constancy 587.337 363.438 144128
Constant 0.07777** 0.05192*+* 0.02348
(0.00929) (0.01165) (0.01483)
MmP 0.44619*+* 0.50897*** 0.5713***
__________________________________________________________ (0.05382) | (005696) | (0.07284)
Random-effects Parameters
Country random intercept
Standard deviation 0.00998 0.01134 0.02231
(0.00151) (0.00256) (0.00384)
Region
Standard deviation (1 0.19303 0.18765 0.21381
(0.05503) (0.05496) (0.08958)
Standard deviation (intercept) 0.05199 05054 0.03763
__________________________________________________________ (0.o0876) | __._...(Q.01102) | _ ___ (0.01923)
Wald's Test 68.722 79.842 61.519
Test of parameter constancy 473.619 203.987 108.204
Constant 0.07013*** 0.02503** -0.0102
(0.01038) (0.01264) (0.01533)
ME 0.30672%* 0.39467*** 0.45108***
_________________________________________________________ (003620 | (003869 | (004549
Randon-effectsParametel
Country random intercept
Standard deviation 0.01112 0.01303 0.02049
(0.00160 (0.00320 (0.00355
Region
Standard deviation (1 0.08103 0.05679 0.03792
(0.03635) (0.04208) (0.03373)
Standard deviation (intercept) 0.05189 02041 0.00359
__________________________________________________________ (0.00913) | (0.01388) | (0.01134)
Wald's Test 71.783 104.078 98.317
Test of parameter constancy 483.570 226.565 115.955
N 509 359 209
Number of groupsnf) 75 75 75

*+*: Significant at the 1% level. **: Significant at the 5% level. Standard deviations in parentheses.
M: Total mobility; M®: Growth mobility; M®: Dispersion mobility; MF: Exchange mobility.



Table 3. Correlation matrix of inequality indices

Gini Theil 0 Theil 1  Atkinson 0.5 Atkinson 1
Gini 1
Theil O 0.9885 1
Theil 1 0.9232 0.9463 1
Atkinson 0.5] 0.9781 0.9907 0.9802 1
Atkinson 1 0.9914 0.9995 0.9414 0.9889 1
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Appendix

Table A.1. Hierarchical linear models by region (top 1% cepsidpr

Dependent variable: Theil inequality index 1-yeahitity 3-year mobility 5-year mobility
Constant 0.09014*** 0.08171*** 0.04454***
(0.00660) (0.00814) (0.00985)
M 0.06640*** 0.05851*** 0.09551***
_________________________________________________________ (0.01194) | (0.01259) __ | _ . (0.01359) __
Random-effects Parameters
Country random intercept (by wave)
Standard deviatic 0.0045¢ 0.0046! 0.0178¢
(0.00071) (0.00098) (0.00307)
Region
Standard deviation (M) 0.04785 0.05264 01084
(0.01378) (0.01328) (0.00983)
Standard deviation (intercept) 0.04355 (050)75] 0.01092
_________________________________________________________ (0.00589) | ____...(0.00844) | ______(0.00673)
Wald's Test 30.896 21.578 49.389
Likelihood test of parameter constancy 703.021 342.481 150.712
Constant 0.11745*** 0.11813*** 0.10908***
(0.00450) (0.00480) (0.00840)
M€ -0.03497 -0.02587 0.03514
_________________________________________________________ 0.02318) | ____...(0.02103) ___| _______(0.02906) ___
Random-effects Parameters
Country random intercept (by wave)
Standard deviation 0.00494 0.00545 0.02586
(0.00073) (0.00098) (0.00517)
Region
Standard deviation (1 0.08720 0.09263 0.13053
(0.02429) (0.01949) (0.02755)
Standard deviatio(intercept 0.0374¢ 0.0354: 0.0359:
,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,, (0.00332) | _____(0.00384) | ______(0.00702)
Wald's Test 2.276 1.513 1.463
Test of parameter constancy 868.037 480.731 194.782
Constant 0.06809*** 0.04874*** 0.01948*
(0.00655) (0.00735) (0.01075)
mP 0.36720*** 0.39158*** 0.50152***
_________________________________________________________ (0.03861) ____ | _____(0.04476) _ | ______(0.05702) ___
Random-effects Parameters
Country random intercept (by wave)
Standard deviation 0.00408 0.00301 0.01822
(0.00067) (0.00096) (0.00296)
Region
Standard deviation (1 0.14275 0.13569 0.19738
\% (0.04639) (0.07208) (0.06459)
Standard deviatio(intercept 0.0404- 0.0220! 0.0289¢
_________________________________________________________ (0.00579) [ __..._.(001442) | (0.01396)
Wald's Test 90.44 76.526 77.368
Test of parameter constancy 763.237 368.372 163.468
Constar 0.06883*** 0.03749*** 0.0011:
(0.00693) (0.00801) (0.01095)
ME 0.21431*** 0.27313*** 0.35789***
_________________________________________________________ 0.02410) | .. (0.02727) | .. ___(0.03474)
Random-effects Parameters
Country random intercept (by wave)
Standard deviation 0.00446 0.00378 0.01735
(0.00069) (0.00092) (0.00271)
Region
Standard deviation (1 0.08650 0.02354 0.09673
(0.02950) (0.02692) (0.02401)
Standard deviation (intercept) 0.04225 018 0.02051
_________________________________________________________ 00597, | ... (000761 | (000740
Wald's Test 79.107 100.328 106.146
Test of parameter constancy 760.374 361.402 172.301
N 509 359 209
Number of groupsn{) 75 75 75

***: Significant at the 1% level. *: Significant dhe 10% level. Standard deviations in parentheses.
M: Total mobility; M®: Growth mobility; MP: Dispersion mobility; M: Exchange mobility.



