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Abstract

The observed high levels of banks’ operating effi ciency, profi ts and market values in the 

years before the fi nancial crisis raise reasonable doubts about the information content 

of conventional performance measures for the accurate assessment of the effi ciency of 

banking intermediation. In this paper we estimate the productivity of individual Spanish 

banks and the industry’s productivity growth over time using the methodology of Olley and 

Pakes (1996) and Levinsohn and Petrin (2003), which controls for simultaneity bias. We then 

examine the contributions of two sets of factors to productivity growth: banking practices 

that have been signalled as the proximate causes of the crisis, and technical progress in 

the industry. We obtain that more than two thirds of the estimated productivity growth in the 

years 2000-2007 is attributable to practices such as the expansion of the housing market, 

the high recourse to securitization and short-term fi nance, and the leveraging of banks’ 

balance sheets. The remaining 2.8% cumulative annual growth rate is our estimate for the 

technical progress in the industry, similar to the estimated rate in the period 1993-2000.

Keywords: productivity of banks, fi nancial stability production function, IT capital, 

simultaneity bias.

JEL classifi cation: D24, G21.



Resumen

Los elevados niveles de efi ciencia operativa, benefi cios y valoración que experimentaron los 

bancos en los años previos a la crisis suscitan dudas razonables sobre el contenido informativo 

de las medidas de desempeño convencionales en su uso para la evaluación de la efi ciencia 

en la intermediación bancaria. Este trabajo estima la productividad de los bancos españoles 

a nivel individual, basándose en la metodología de Olley e Pakes (1996) y Levinsohn y Petrin 

(2003), para corregir por el sesgo de simultaneidad. A partir de esta, estima el crecimiento 

de la productividad agregada en el sector bancario español. Asimismo, el trabajo analiza 

las contribuciones al crecimiento de la productividad de dos tipos de factores: las prácticas 

bancarias que han sido señaladas como causas directas de la crisis y el progreso técnico en 

el sector. Los resultados muestran que dos terceras partes del crecimiento estimado de la 

productividad en el período 2000-2007 son atribuibles a cambios en las prácticas bancarias, 

tales como: la expansión del mercado de la vivienda, el elevado recurso a la titulización de 

activos y a la fi nanciación a corto plazo, así como el proceso de apalancamiento en los 

balances bancarios. El restante 2,8 % se interpreta como el progreso técnico estimado para el 

sector en el período analizado, similar al estimado para el período 1993-2000.

Palabras clave: productividad de los bancos, estabilidad fi nanciera, función de producción, 

capital tecnológico, sesgo de simultaneidad.

Códigos JEL: D24, G21.
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1. Introduction 

Banks and other financial intermediaries perform the economic functions of providing 

liquidity, transferring funds from savors to investors and collecting and diffusing 

information (Diamond and Dybvig, 1983; Diamond, 1984; Merton, 1995; Gorton and 

Winton, 2003). These functions involve value adding activities of facilitating payments 

and managing cash, selecting and monitoring borrowers and providing advice and 

consultation services. Banks use labor, capital and other inputs to perform these 

activities and earn revenues from interest rates differentials and fees. The level of 

efficiency in performing banking intermediation activities is a key factor for economic 

development (Buera, Kaboski and Shin, 2011; Greenwood, Sanchez and Wang, 2010; 

Mehra, Piguillem and Prescott, 2011) and changes in the costs of intermediation will 

have important macroeconomic consequences for investment and growth (Bernanke, 

Gertler and Gilchrist, 1999; Hall, 2011; Christiano and Ikeda, 2011).  

In conventional competitive markets, profits are the reward for providing 

services demanded by costumers at the lowest cost. The expansion of banks’ balance 

sheets around the world and the record-high growth rates of profits and productivity 

until 2007 could have been an indicator of substantial efficiency gains in financial 

intermediation. However, the outburst of the severe financial crisis in 2007 showed that, 

at least for the case of banks, the usual indicators of performance might fail in informing 

about their “true” economic results1. Potential explanations of this paradox can be the 

existence of managerial incentives to distort reported profits (Rajan 1994), financial 

innovations for regulatory arbitrage (Achayra, Schuabl, Suarez 2011), measuring profits 

and output not adjusted for risk (Haldane, Brennan and Madouros, 2010), and business 

model innovations that change the nature of banks’ output over time (Philippon, 2012), 

such as the “originate to distribute” model, and the market-based intermediation or 

shadow banking. 

                                                
1 Haldane, Brennan and Madouros (2010) document this paradox with detail. In the UK, the resources 
labour and physical capital consumed as inputs in the financial intermediation industry, relative to labour 
and capital of the whole economy, have been decreasing since the nineties while the share of gross value 
added of the financial intermediation industry in the gross value added of the whole economy rose almost 
3 percentage points, to 8%, in 2007. According to the Banker data set, the assets of the 1000 world largest 
banks more than doubled in the period 2000-2008. During the same time period, the profits of these 
largest banks increased 150% for an average annual rate of return of 15% (around 20% of return on 
equity, twice the return in the rest of industries, for the whole banking industry in the UK, US and 
Europe). In Spain, using the EU-KLEMS data base, estimated annual cumulative productivity growth in  
the period 1999-2007 was 8% (O’Mahony and Timmer 2009).  
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In this paper, we rely on bank-level productivity estimations to quantify the 

productivity growth of the Spanish banking industry in the years before the financial 

crisis (1992-2007) and examine its determinants. The Spanish case is a good case study 

for a better understanding of why the usual measures of efficiency and profitability of 

banks may not inform about the true efficiency gains in financial intermediation. First, 

the estimated productivity growth of the country’s banking industry before the crisis 

was one of the highest among developed countries. Second, in Spain concurred what 

Diamond and Rajan (2009) consider as the proximate causes of the crisis: (i) investors 

perceived a permanent reduction in interest rates when Spain joined the Euro zone, (ii) 

there was an unprecedented expansion of the housing industry and (iii) banks financed a 

good part of the loans with wholesale financing and short-term debt. However, Spain 

has also different features from the USA and other countries in two main aspects2. First, 

securitized loans remained in the balance sheets of banks and they were subject to 

capital requirements, and, second, savings banks, with market share similar than 

commercial banks, compete in an equal basis with commercial banks. 

The estimates of the bank-level total factor productivity (from now on, 

productivity) are derived from the estimation of the banks’ production function. We 

model the production and sales of bank services at the branch level assuming a Leontief 

technology (Martín-Oliver and Salas-Fumás, 2008) with two variable inputs, labour and 

services from information technology assets (IT capital), and a quasi-fixed input (the 

physical capacity of the branch). Then, the branch-level production function is 

aggregated to obtain the bank-level production function, which is the function that we 

empirically estimate with Spanish banks data. The estimation of the technology 

parameters follows the methodology posited in Olley and Pakes (1996) and extended in 

Levinsohn and Petrin (2003) to control for the potential simultaneity bias between the 

unobserved productivity shock and the management decisions on input quantities in 

response to the shocks.  

Next, we explore what is behind the estimated productivity. As indicated, the 

ultimate goal is to isolate the “true” economic efficiency of the banking industry, as the 

ultimate indicator of the actual contribution of financial intermediation to economic 

growth and to macroeconomic stability. For this purpose, we isolate the factors that can 

determine the estimated productivity values due to reasons different from technical 

                                                
2 For a detailed description of the the securitization process in Spain compared with other countries, and 
of the regulatory treatment of assets’ securitized in  Spain, see Catarineu and Pérez (2008). 
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progress and economic efficiency. These factors include, on the one hand, differences in 

the operating characteristics of banks in the sample (Berger and Mester, 1997; Frei, 

Harker and Hunter, 2000) and, on the other hand, factors related with the proximate 

causes of the crisis, which will be the focus of this paper. In other words, we aim at 

exploring whether certain business decisions of banks (such as concentrating loans in 

the housing market, issuing securities and short-term debt to finance the loans, 

increasing leverage, etc) improve the short-term private performance of banks but at the 

social cost of future financial instability that became evident with the crisis.   

Our empirical results show that the productivity growth rate of the Spanish 

banking industry more than doubled during the years after the Euro, a result that is 

consistent with other productivity estimates obtained from other methodologies and 

with aggregate industry data (O’Mahony and Timmer, 2009). However, we also find 

that an important part of this productivity growth in the pre-crisis years is explained by 

business decisions that, ex-post, have been identified as drivers of the crisis (expansion 

of the housing market, securitization, short-term finance and increasing leverage). When 

removing these and other operational factors from the estimated productivity, the 

productivity residual grows at a similar rate in the years before and after the 

introduction of the Euro. In other words, we show that the high growth rates of raw 

productivity estimated for the banking industry during the years prior to the crisis were 

not an indicator of efficiency and technical progress. 

The paper is related to the long list of published papers on productivity and 

efficiency of banks3. We are the first in estimating the total factor productivity (TFP) 

from a Leontief-type production function formulated at the branch level. Most of the 

productivity estimates in banking are obtained with cost or profit functions (Kumbhakar 

and Lovell, 2000)4. This paper is also, up to our knowledge, the first one to estimate the 

production function and the productivity of banks considering IT capital as a productive 

input, what seems essential in one of the most IT-capital intensive industries. This paper 

is also one of the few (together with Bunch, Koch and Kötter, 2009 and Nakane and 

Weintraub, 2005) that corrects for simultaneity bias in the estimation of the production 
                                                
3 Some reference papers in this literature are Sealey and Lindley (1977), Berger and Humphrey (1991, 
1992, 1997), Fixler and Zieschang (1992), Berger and Mester (1997). Hughes and Mester (2008) contains 
an updated review of the literature and Berger (2007) surveys more than 100 papers on cross-country 
comparisons of banking efficiency. 
4 There have been several papers published on the measurement and determinants of productivity and 
efficiency of Spanish banks (Grifell-Tatjé and Lowell, 1996; Lozano-Vivas, 1997; Maudos, Pastor, Pérez 
and Quesada, 2002) but they all use a different methodology and explanatory variables so their results are 
not comparable with those obtained in this paper. 
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function of banks following the methodology in Olley and Pakes (1996) and Levinsohn 

and Petrin (2003).  

Our paper is also related with the growing literature interested in measuring the 

cost efficiency of financial intermediation, either through a more accurate measurement 

of the output of banks and market-based (shadow banking) intermediaries (Philippon, 

2012), or through the calculation of risk-adjusted measures of productivity (Haldane, 

Brennan and Madouros, 2010; Basu, Inklaar and Wang, 2011). Our contribution 

regarding this literature is twofold: First, we estimate the production function and the 

productivity values using bank-level data, whereas the previous papers use aggregate 

industry data for their estimations. Second, our analysis goes beyond the scope of these 

papers, obtaining a more accurate estimation of the contribution of technical progress to 

the productivity growth of the banking industry, and provides an empirical test for some 

of the theories about the causes of the financial crisis.  

The rest of the paper is organized as follows. Section 2 describes the production 

technology of banks and the methodology used in the estimation of productivity. 

Section 3 shows the results of the estimation of the production function and average 

productivity for the Spanish banking industry from bank-level data. Section 4 contains 

an analysis of the determinants of the observed productivity of Spanish banks, in the 

context of the banking practices that have been related with the causes behind the recent 

financial crisis. The conclusions summarize the main results of the paper. 

2. Production function estimation 

In this section, we describe the methodology proposed for the estimation of the banks’ 

production function. Relying on this, we estimate banks’ productivity. Our starting 

point is based on the empirical fact that retail banks’ services are produced at branches, 

which provide the physical space for employees, computer terminals and other physical 

infrastructure needed in the production process. If the branches of one bank are 

relatively similar, the output (inputs) of the bank can be computed as the output (inputs) 

per branch, multiplied by the number of branches. Once in the branch, customers 

receive services that are produced combining labor and IT capital inputs, being the 

branch’s capacity an indivisible and fixed input. Since bank services are not directly 
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observable and measurable5,6, we rely on the assumption that the variability across 

banks in services produced can be approximated by the sum of loans and deposits, at 

constant prices.

The production function 

The representative bank is assumed to collect deposits, D, and grant loans, L, deploying 

physical capital (branches, B), IT capital (IT) and labor (N). Since the services attached 

to these loans and deposits are provided in each branch, the inputs and outputs of banks 

are first defined at the branch level and, then, aggregated to the bank level. Each branch 

has a given capacity q. The number of workers per branch (Nb) and the IT capital per 

branch (IKb) can be substituted among themselves, but not with the physical capital. For 

a given number of branches (B), the total output of the bank defined as the sum of loans 

(L) and deposits (D) can be written as follows,  

( ){ }[ ]bb IKNFqBDL ,,min⋅=+  (1)

Therefore, the branch production technology is of the Leontief-type with a given 

investment in fixed capital that limits the total capacity of the branch. The function F( ) 

is assumed to be increasing and concave in the two variable inputs, labor and IT capital. 

Equation (1) assumes constant returns to scale at the bank level (i.e. output of the bank 

is a scale factor of the output per branch)7. If the function F( ) at the branch level is 

linear homogeneous then equation (1) can be written as,  

( ){ }[ ]IKNFqBDL ,,min ⋅=+ (2)

where N=B Nb and IK=B IKb denote labor and IT inputs, at the bank level, respectively. 

We assume that the capacity q is non-binding for the standard branch, so the observed 

level of output is determined by the function F(N, IK). For the rest of the paper, the 

actual specification of the constant returns to scale production function will be written 

as, 

                                                
5 Bank services include the marketing of loans, deposits and payment services; the evaluation of the credit 
quality of the potential borrowers; the monitoring of loans and possible defaults; provision of liquidity; 
book keeping and monitoring of deposit accounts; selling and book keeping of saving products and so on. 
6 The paper adopts the production approach instead of the intermediation approach to model the 
relationship between inputs and outputs in banks; this amounts to using deposits as a measure of output 
together with loans. The assumption that banks consume inputs (i.e., labour and IT services) to obtain 
deposits (output) is realistic in the evaluation of the productivity of banks at the branch level and in the 
aggregate. Other papers that use the sum of loans and deposits as a measure of single output of banks are 
Humphrey (1992), Prasad and Harker, (1997), Tirtiroglu, Daniels, and Tirtiroglu (2005). A different issue 
is how banking services tied to lending and those tied to the deposits combine to give a measure of total 
bank output. 
7 We formally test this assumption and find empirical evidence supporting it.  

,)( ααω −=+ 1f IKNeDL (3)
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where )(ωfe  is the total factor productivity term of the production function, which is 

increasing with the productivity shock .  

Estimation of the production function: Methodology 

The estimation of the parameters of production function (3) follows the 

methodology proposed by Olley and Pakes (1996) and extended by Levinsohn and 

Petrin (2003). In both cases the concern is to correct for the endogenous bias in the 

estimation of the elasticity of output with respect to labor and capital caused by the fact 

that the quantity of labor input used in production may itself be determined by the value 

of the productivity shock.  

The estimation procedure, adapted to this particular case, proceeds as follows. Let  

(4) 

(5) 

(6) 

itititkitnit ikny εωβββ ++++= 0

be the log-transformation of the production function in (3) where ε  is a the pure 

stochastic component. The term ω is a state variable in the firm decision problem and, 

therefore, it affects the demand for inputs. This variable is observable to the firm’s 

manager but not to econometricians. We do not impose the condition of constant returns 

to scale, which will be empirically tested.  

Let the variable τ be one observable variable that depends on the two state 

variables ω and ik. This proxy variable τ is required to be monotonic in ω for all the 

values of ik so as it is possible to invert the function and yield ω as a function of τ and 

the level of capital ik8

( )itittit ikh ,τω =

By replacing this expression of the productivity in (5) it is possible therefore to control 

for ω in the estimation of 

where ( ) ( )itittitik0ititt ikhikik ,, τββτϕ ++≡ . Subtracting the expectation of (5) conditional 

on (τιt, ikιt) from (5) we obtain 

                                                
8 Olley and Pakes (1996) propose to use capital investment as proxy variable τ. Levinsohn and Petrin 
(2003) extend the list of observable variables correlated with the productivity shock that can be used in 
the estimation procedure to eliminate the potential estimation bias. They argue that adjustment costs could 
imply that firms decide not to invest even though the productivity shock exists. To overcome this 
limitation they propose to use intermediate inputs as proxy variables of productivity shocks.  

( ) ititittitnit ikny ετϕβ ++= ,

( ) ( )( ) itititititnitititit iknEnikyEy ετβτ +−=− ,|,| .
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This equation can be estimated using the non-parametric approach proposed by 

Levinsohn-Petrin that consists on, first, estimating the conditional moments ( )ttt ikyE ,|τ

and ( )ttt iknE ,|τ  using a locally weighted quadratic least squares approximation and, 

then, using non-intercept OLS to obtain a consistent estimate of βn
9.  

Parameter βik associated to IT capital is estimated in a second stage. It begins 

with the assumption that productivity tω  follows a first-order Markov process, 

( ) it1ititit E ξωωω += −|

where itξ  is the innovation term. Following Olley-Pakes, βik is identified by assuming 

that neither IT capital nor the lagged number of workers respond to the innovation in 

productivity. Function ( )1| −ttE ωω  can be estimated by locally weighted least squares 

relying on the estimations of ωt and ωt-1 obtained from the first-stage results and one 

candidate value for the coefficient associated to IT capital denoted as *
ikβ . Thus, for a 

given candidate value, parameter βik can be estimated from the following equation 

[ ] ( )*|̂ˆ
ititititik1itititnit ikEny βεξβωωβ ++=−− − ,

where the residuals are expressed in terms of the candidate *
ikβ . Let define a set of 

orthogonality conditions  

( )( ) 0')( =+=Λ itititzEE εξ , 

where zt is a vector that includes {ikt, ikt-1, nt-1}. Then, ikβ̂  is estimated by minimizing 

the GMM criterion function defined from the orthogonal conditions of the population: 

( )
=

Λ⋅Λ=
H

h

Q
1

*** )(')('min
*

βββ
β

where h indexes the H instruments. To measure the precision of our estimates, we use 

bootstrapped standard errors of the coefficients.10 Finally, the GMM estimator of ikβ  is 

chosen for a grid search as in Levinsohn and Petrin (2003) since this is more robust than 

using starting candidate value *
ikβ  (as for example the OLS estimator).  

                                                
9 Alternatively, parameter nβ  in Equation (5) can be estimated using OLS including some approximation 

for function ϕt(.). Olley and Pakes approximate this function with a polynomial expansion in τt and ikt
10 Petrin, Poi and Levinsohn. (2004) provide an estimation command that implements this methodology in 
Stata. This command allows the estimation of production function using one or two proxies of 
productivity and one variable of capital (non-variable inputs). In this paper we will need the inclusion of 
two variables of capital, i.e. branches and IT capital. 
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Database and variables 

We draw bank-level data from the non-consolidated confidential balance sheets and 

income statements, as well as in complementary files, reported by banks to Banco de 

España. The sample period spans from 1992 to 2007 and contains information of 

commercial and savings banks. We exclude credit cooperatives because they do not 

provide all the information that is needed in the analysis, as well as banks whose market 

share of assets is smaller than 0.1%. When two banks merge, we consider that a new 

bank brand is created. Banks considered in our paper represent 89.25% of the Spanish 

banking industry, in terms of assets, in 2007. This coverage is similar in terms of other 

variables, such as the number of employees and remains fairly stable across time period. 

We consider three different inputs that enter into the production of banking 

services: (i) the input services from the physical capital (i.e. number of branches of a 

given capacity), (ii) the services from IT capital and (iii) the services from workers.  

The fixed capacity per branch of bank i, qi, is obtained dividing the replacement 

cost of its buildings by the number of owned branches (i.e. we assume homogeneous 

branches for each bank). The total capacity of the bank is equal to Biqi, where Bi is the 

total number of branches (owned and rented) of bank i.  

Banks report a stock of IT capital in the assets side of the balance sheet and they 

also report an annual flow of IT expenditures in the income statement. We define the 

stock of the IT capital of bank i in year t, IKit as the sum of the IT capital in the balance 

sheet at book value plus the estimated capital stock accumulated from annual 

expenditures assuming a perpetual inventory model with depreciation rate of 35%. In 

the calculation of the stock of IT capital at replacement cost, we assume that 

incorporated technical progress practically compensates the price inflation11. Finally, 

the labor input services of bank i in year t, Nit is measured as the average number of 

employees of bank i during year t.  

The output of the banking firm is approximated by the sum of loans and 

deposits. The balance of loans and deposits in year t are calculated at homogeneous 

current prices applying the permanent inventory model. Following this scheme, the 

estimated stock of deposits (loans) in year t is equal to the deposits (loans) in t-1 valued 

at year t prices using the general inflation price index plus the flow of new deposits 

                                                
11 Martín-Oliver, Salas-Fumás and Saurina (2007) explains in detail the methodology used in the 
calculation of physical and IT capital of Spanish banks.  

3. The productivity estimation for Spanish banks  
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(loans) in year t. After their estimation at current prices, all inputs and outputs in 

monetary units are deflated and expressed in prices of year 1992.  

Table 1 presents the time evolution of the descriptive statistics of the inputs, 

outputs and number of braches per bank. The data shows that the number of banks in 

the Spanish industry over time has fallen from 140, in 1992, to 90, in 2007. For the rest 

of variables of the table, the mean is substantially above the median indicating that the 

distribution of the variable is highly skewed. The growth rate of the average number of 

employees per bank is smaller than minus the growth rate of the number of banks, 

which implies that the total number of industry employees decreases in the period. On 

the other hand, the stock of IT capital increases over time. This suggests that labor is 

substituted by IT capital in the input mix of banks. More concretely, the average stock 

of IT capital per employee has increased 68% during the sample period. The average 

rates of growth of output per bank and IT per bank where similar (around 7.7% of 

average annual growth rate) and much higher than the growth rate in the average 

number of workers per bank (around 1.5%). This implies an important increase in labor 

productivity along the period (around 130% in 2007 compared with 1992), as well as an 

increase in the total factor productivity of banks.  

Estimation of the production function  

The estimates of the parameters of the production function are presented in Table 2. The 

upper part of the table shows the estimates of the parameters of the production 

technology, equation (4), ignoring the simultaneity bias (i.e. OLS). The lower part 

reports the estimates controlling for the simultaneity between efficiency shocks and 

labour input decisions, using investment in IT as a proxy for the productivity shocks (in 

line with Olley and Pakes, 1996).  

The use of the investment in IT capital as the proxy variable τ has been decided 

after comparing the results with those obtained with other alternatives, mainly 

externally supplied intermediate inputs, in line with Levinsohn and Petrin (2003) 12

(bellow, we discuss robustness checks in more detail). In banking firms, the link 

between the productivity shocks and the external purchases of intermediate inputs may 

                                                
12 The main reason why Levinsohn and Petrin (2003) posited intermediate inputs as an alternative proxy 
to investment in capital is the existence of adjustment costs that could result in firms that do not invest in 
some periods. It would imply a large proportion of zero-investment observations in the sample that could 
not be used in the estimations. In our application, all banks in the sample invest a positive amount in IT 
during all the years of the period. 
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be weaker than in industrial firms because in banks the elasticity of output to variations 

in the inputs is expected to be small compared with that in industrial firms. In addition, 

investment in IT was the variable that better fitted the three specification tests posited 

by Levinsohn and Petrin (2003) in the selection of the proxy variable: i) monotonicity, 

i.e. higher levels of investments are associated to higher values of the productivity for 

any level of IT capital (see Figure A1 in the Appendix A); ii) correction of the bias: the 

estimated coefficient of labour (IT capital) is lower (higher) in the correction of 

simultaneity than in the OLS estimation, as expected; and finally iii) orthogonality of 

the freely variable input (labour, in this case) and the innovation in productivity in t+1 

(the estimated correlation (-2.07%) is not significant at 10%). 

The two columns in the left-hand side of Table 2 correspond to the estimation 

when the constant returns to scale condition at the bank level is not imposed. The total 

inputs of each bank are written as the product of inputs per branch times the number of 

branches. In this specification, the hypothesis of constant returns to scale at the bank 

level is satisfied if the coefficient associated to (the log of) the number of branches is 

equal to 1. The right-hand side panel exhibits the estimation results when the constant 

returns to scale condition at the bank level is imposed: inputs and outputs are all defined 

at the bank level and the number of branches is excluded from the right-hand side of the 

equation. p-values associated to the nulls of constant returns to scale at the bank level 

(i.e. H0: the coefficient associated to the number of branches (in logs) equals 1) and at 

the branch level (i.e. H0: n + ik = 1) are reported. 

Considering OLS estimation results reported in the upper part of Table 2, the 

null hypothesis of constant returns to scale can be rejected at both, bank and branch 

level. The respective estimates of the elasticity of output with respect to labour and IT 

capital are, approximately, 0.69 and 0.22 and the coefficient of ln(branches) is 0.91. 

Therefore, the estimation using OLS would imply that the production technology of 

banks, both at the bank and at the branch level, has decreasing returns to scale. Results 

are different when the estimation is performed taking into account the potential 

simultaneity between the firm’s input decisions and its productivity using IT investment 

as a proxy of productivity (lower part of Table 2). Now, the null hypotheses of constant 

returns to scale at the bank level and at branch level cannot be rejected at any standard 

significance level. Results confirm the presence of simultaneity bias since, compared to 

the Levinsohn-Petrin estimations, OLS coefficients over-estimate the elasticity of the 
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output to the labour input and an under-estimate the elasticity of the output to the IT 

capital.  

If the null hypothesis of constant returns at the bank level is imposed, the estimated 

elasticity of output to labour and IT capital are 0.501 and 0.421, respectively (compared 

to 0.696 and 0.207). This elasticity of output to IT capital implies that if the stock of IT 

capital per employee doubles then the output per worker (labour productivity) increases 

by 42.1%. In period 1993-2007, the stock of IT per employee has increased from 10.2 to 

16.7 thousands of Euros (64 %). Therefore, deepening of IT capital has increased labour 

productivity of Spanish banks in 26.9% (0.421 multiplied by 64) from 1993-2007. 

Robustness tests 

The estimates of the production function using different definitions of intermediate 

inputs (expenses on electricity and other supplies, on office stationary, on external 

administrative services and on total operating costs) as alternative proxies of the 

productivity are reported in Table A1 of Appendix A. As explained above, our final 

choice has been investment in IT capital because the potential candidates did not fulfil 

the minimum requirements stated by Levinsohn and Petrin (2003). First, the use of 

external administrative services, in spite of providing similar results than IT investment, 

implied the drastic reduction of the sample because of the lack of information (this 

variable was only available since 1999). Next, neither total operating expenditures nor 

office stationary (and, to a lesser extent, electricity supply) satisfied the monotonic 

condition for low levels of IT capital: Figure B1 shows a decline or stagnation of the 

productivity for high levels of IT capital when the intermediate input increases. As well, 

all the proxy candidates failed in the condition of absence of correlation between labour 

and the productivity shock of t+1, with the exception of external administrative services

(-5.3%, non significant at 10%). These reasons may explain why electricity and other 

supplies returned similar estimates than investment in IT capital, but with decreasing 

returns to scale at the branch level (against the findings of Martín-Oliver and Salas-

Fumás, 2008) and why office stationary and operating expenses provided estimated 

elasticity of the output to the inputs that were too low compared to the rest of estimates 

(labour is below 0.3 and that IT capital is even smaller than in OLS). 
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the contribution of inputs to the output. In particular, we have estimated the production 

functions (both at bank level and at branch level) distinguishing among three sub-

periods: 1992-1997, 1998-2002 and 2003-2007. Differences among estimated 

coefficients corresponding to different periods are not statistically significant. 

Therefore, we present only the estimates of the whole sample period and focus on these 

coefficients to measure and further analyze the productivity level of Spanish banks. 

Productivity in the banking industry 

Using the estimations of the elasticity parameters reported in Table 2 of the production 

function in Equation (5), the productivity level of bank i in year t, denoted as pit, can be 

estimated as:13
itititit IK4210N5010DLp ln.ln.)ln(ln −−+= . Then, relying on the bank-

level productivity estimates, we construct the indicator of industry wide average 

productivity as the weighted average of the banks’ productivity using the shares of the 

banks in terms of output as weights. Olley and Pakes (1996) distinguish between two 

sources that may explain the evolution of the industry productivity. On the one hand, 

the evolution of the (un-weighted) average productivity of the firms in the industry and, 

on the other hand, a term that captures the differences in productivity that are associated 

with the size of the bank:  
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where tp  is the industry productivity at time t, its  is the share of bank i at t and its  and 

itp are the un-weighted means of bank’s productivity and output shares, respectively. A 

positive (negative) value of the second term of the right hand side indicates that larger 

banks tend to be more (less) productive than smaller ones.14

Figure 1 shows the evolution of the industry productivity (pt) and its two 

components. The productivity of the banking industry has shown an increasing trend 

over the whole time period that is attributable to both, productivity gains of the average 

bank, and to a positive reallocation effect. The facts that bigger entities have been more 

                                                
13 As in Olley and Pakes (1996), Nakane and Weintraub (2005) and Buch, Koch and Kötter (2009), we 
estimate the productivity as a residual from the difference between the observed and the predicted output 
of the bank in time period t, not the productive efficiency (distance to an efficient frontier) to be 
consistent with the general methodology. Implicit along the paper is also the assumption that the elasticity 
of output with respect to labor and IT capital are the same for banks of different characteristics; in other 
words, the heterogeneity of banks only affects the constant of the production function.  
14 For a similar decomposition applied to Spanish manufacturing industry see Fariñas and Ruano (2004).  

Finally, following Levinsohn and Petrin (2003), we estimate the production 

function for different time periods to allow for variation in the coefficients that measure 
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productive and have increased their output share in the industry results in a higher 

growth rate of the average industry productivity, compared to the situation where all the 

banks had been equally productive. This reallocation effect is clearly manifested after 

the years 1999-2000, when two different mergers (Banco Santander-Central Hispano 

and BBV-Argentaria) gave rise to the two biggest banks of the Spanish banking system, 

increasing the contribution of the size effect to the productivity of the industry. 

Focusing on the evolution of the productivity of the Spanish banking industry, 

Figures 2A and 2B shows the annual and the cumulative growth rates of the estimated 

banking industry productivity pt, respectively. The weighted average productivity in 

2007 is 2.8 times the value in 1993, which implies an increase of 180% during the 15 

years period (Figure 2B). Most of the increase in the aggregate productivity occurs in 

the second part of the period (2000-2007), when the average annual rate of growth was 

10.01%, compared to the 3.85% average annual rate during the 1992-1999 period 

(Figure 2A). 

4. What is behind the observed productivity? 

Our measure of productivity for each bank and year is the residual obtained from the 

difference between the actual output of the bank (loans plus deposits) minus the output 

predicted from the quantities of labor and IT capital. One of the determinants of the 

productivity differences which matters most for welfare analysis is the underlying 

differential in intermediation efficiency. We measure the intermediation efficiency of 

the banking industry as the Hicks-neutral technological progress that determines the 

time trend in productivity, after removing other sources of cross-section and time 

variability from the pooled data of banks’ productivity. Among these other sources of 

productivity differences, we particularly focus on the changes in the balance sheet of 

banks that have been pinpointed as potential factors of the outburst of the financial 

crisis: increasing risk taking, excessive growth and higher illiquidity risk.  

In this section we first document the changes in the assets and liabilities of 

Spanish banks that preceded the financial crisis. Next, we hypothesize how these 

changes may have affected the estimated productivity of banks. Finally, we estimate an 

empirical model on determinants of banks’ productivity for the double purpose of 

testing the hypotheses and estimating the residual technical progress in the banking 

industry.  
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4.1. The behavior of Spanish banks in the pre-crisis period 

The situation of Spanish banks in the pre-crisis period can be summarized as follows: i) 

Spain joined the Euro zone benefiting from low interest rates and financial integration 

when monetary policies by Central Banks around the world, including the ECB, were 

extremely accommodative; ii) prices and demand of real estate-related assets, including 

houses, experienced a high increase and banks provided the credit to fund this 

expansion; iii) Spanish banks used a combination of mortgage-backed securities (MBS) 

and short-term funding to finance the lending to real estate developers and house 

buyers; iv) banks were able to comply with regulatory capital and sustain the high level 

of credit growth by issuing hybrid financial products, cheaper than pure equity. The 

behavior of Spanish banks during these years is close to what Diamond and Rajan 

(2009) describe as “proximate causes of the crisis”.15. Table 3 shows how this situation 

was translated into important changes in the banks’ balance sheets. We present the mean 

and median values of variables that capture the mortgage and real-estate lending 

activity, the securitization intensity, the importance of short-term finance and the equity 

capital ratio (inverse of leverage) of Spanish banks in three successive time periods: the 

pre-Euro years of 1993-1997, the consolidation period of 1998-2002, and the period of 

high growth, 2003-2007. A more complete definition of each variable can be found in 

Appendix B.  

According to Table 3, the average proportion of real estate loans increased over 

time from 12.7% in 1993-97 to 21.0% in 2003-2007, while the proportion of mortgages 

rose from 32.1% of all loans to 51.8%, confirming the expansion of the lending activity 

in real estate and housing markets after Spain joined the Euro zone. During the years 

previous to the Euro, Spanish banks did not participate in securitization activities, but 

afterwards the number of banks issuing MBS increased steadily: in the period 2003-

2007 these securities represent 15.2 % of the total assets for the banks that issue them.  

The maturity of the wholesale finance for the banks that get funds from these 

markets is measured by the weighted maturity of wholesale financing (variable 

Duration), and by the net position of banks in the interbank market. The mean value of 

Duration increased over time, indicating that Spanish banks issued securities of longer 

                                                
15 Regulatory arbitrage through securitization (Achayra, Schuabl, Suarez 2011) was not possible among 
Spanish banks. Banking regulation forced banks to keep the issued securities in their balance sheet unless 
banks were effectively transferring the risk out of the bank, which did not happen in most of the cases 
(banks kept worse tranches or granted credit enhancements). Thus, securitized and non-securitized loans 
had the same impact in terms of regulatory capital requirements. 
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maturity in wholesale markets at the same time that the weight of long-term loans in 

real estate and housing was also increasing. Banks’ liquidity position was then 

maintained from this point of view. However, Spanish banks increased their dependence 

on interbank finance over time, both in terms of a larger number of banks with a net 

borrowing position in the interbank market (variable IdB), and in terms of a higher 

value of the ratio of borrowing over lending in this market (variable IB borrow/IB 

lend). Comparing the time periods 1992-1997 and 2003-2007, the proportion of banks 

with a net borrowing position grew from 20.6% to 53.2% and the ratio of the amount 

borrowed and the amount lent in the interbank rose from 0.86 to 2.56, respectively. 

Finally, Table 3 shows a decreasing trend in the equity capital ratio during the 

1990’s and a drop of the ratio from 9.9% in the period 1998-2002, to 6.8% in the period 

2003-2007. However, the regulatory capital ratio stayed relatively stable during this 

time period (16.15% in 1998-2002 and 14.29% in 2003-2007), which means that 

regulatory capital requirements derived from the high growth of the years 2003-2007 

were fulfilled with debt-like instruments.   

4.2. Implications for productivity and productivity growth 

We now explain why these changes in the balance sheet of banks can have positive 

effects on productivity and productivity growth over time.   

Real estate and mortgage loans. We identify two reasons why the concentration of 

loans in real estate and mortgages can have positive effects on productivity: lower 

screening and higher loan-to-value ratios. 

On the one hand, the incentives of banks for screening the credit quality of the 

borrower in collateralized loans are milder than in loans without collateral (Manove, 

Padilla and Pagano 2001). Mortgages and real estate loans are collateralized so lower 

screening will imply more loans granted (or produced) per employee. During the years 

previous to the crisis screening incentives might have been even milder because the 

escalation in house and real estate prices was perceived as an additional guarantee for 

lenders.  

On the other hand, the expectation of permanent increase in house prices could 

have inclined bank managers to grant loans with higher loan-to-value ratios than in 

periods with flatter expectations. This higher loan-to-value ratio per average loan can be 

translated to higher productivity since, with the same amount of inputs, banks can 
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produce a higher balance of loans due to the higher average size of the loans granted. 

Therefore, our first hypothesis can be stated as follows: 

Securitization. We expect that banks that traditionally financed their loans with 

deposits and, at some point in time, start to obtain finance issuing securities backed with 

loans will experience an increase in productivity for reasons related with changes in the 

business model rather than with technical progress.  

In traditional banking there is a relationship between the use of inputs (labor and 

IT capital) and the total output of banks in such a way that an increment of the bank’s 

output (loans plus deposits) has to be accompanied by an increase in the use of inputs. 

However, in the “originate to securitize” model, banks have become “intermediaries”, 

not “producers” of deposits and loans.  The issuance of MBS provided Spanish banks 

with funds to grant loans directly from the market and outside the network of branches. 

Therefore, banks obtain funds to grant new loans without opening new branches and/or 

increasing the use of inputs in old and new ones, something that they could not do if 

they were to obtain funds from deposits. 

Securitization also changed lending practices by banks. The creditworthiness of 

securitized loans was based on the qualifications of rating agencies and not so much on 

the detailed soft information collected by bank officers. These agencies did not have 

close information about the beneficiary of the loan (homeowner, for example), so they 

could process only hard information such as the credit score of the borrower and the 

loan-to-value ratio. As a consequence, bank officers stopped collecting this information 

and focused only on lending to borrowers that could have good credit scores and 

observable adequate loan-to-value ratios (Diamond and Rajan 2009). Collecting the 

useful soft information on the credit quality of the borrowers was more time consuming 

than collecting the hard information of the credit score. This is another reason why 

issuing MBS banks might have increased the ratio of output relative to inputs. 

Short-term wholesale funding. Securitization was not the only way banks had to 

raise funds in financial markets. Under the umbrella of the Euro, Spanish banks became 

net borrowers in the interbank market and they issued bonds and other debt instruments 

to fill the gap between loans and deposits.  

Ideally, long-term loans should have been financed with long-term debt 

instruments but it is well known that, under the expectation of future low interest rates, 

leveraged banks have incentives to finance with short-term debt, becoming more 
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illiquid (Diamond and Rajan, 2009b). Moreover, investors were keen to provide banks 

with short-term finance because it facilitated the option to exit if things went wrong and 

banks got into trouble (Diamond and Rajan, 2001). Spanish banks were probably 

affected by these incentives and took advantage of the cheaper and practically unlimited 

short-term finance through the interbank and the financial markets. Then, it can be 

expected that banks tended to adopt a financial structure more oriented to short-term 

leverage, even though their loans had a long-term maturity. 

Regulatory capital and leverage ratio. Regulatory capital standards are intended 

to restrain the growth of bank credit and limit the leverage ratios, preventing excessive 

risk taking (Kim and Santomero, 1988; Rochet, 1992; Morrison and White, 2005). Over 

the years leading up to the financial crisis, there is evidence that banks changed the 

composition of their regulatory capital to a higher proportion of subordinate debt and 

preferred stocks (Acharya and Schnabl, 2009; Acharya, Gujral and Shin,(2012): 

Khorana and Perlman, 2010).  

The high credit growth rates of loans among Spanish banks together with stable 

dividend policies increased the regulatory capital requirements above the retained 

earnings. In order to comply with capital requirements, banks issued hybrid instruments 

instead of issuing equity16 because the former were less costly (i.e., interests of hybrid 

instruments were tax deductible). As a result, we could observe the apparent paradox of 

banks keeping their regulatory capital ratio at constant levels while they were becoming 

more leveraged, since the regulatory requirements were fulfilled with debt-like 

instruments. 

4.3. Empirical model on the determinants of banking productivity 

The full econometric model on determinants of productivity differences of banks is 

formulated as follows: 
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The dependent variable is the log of productivity of bank i in year t obtained as a 

residual, as explained above. There are three sets of explanatory variables. The first one, 

j
itx , includes the variables in Table 3 that account for the presumed positive effect on 

productivity due to credit growth in real estate and mortgages, securitization, short term 

                                                
16 Savings banks do not have equity in their balance sheet, so they cannot issue common shares. 



BANCO DE ESPAÑA 24 DOCUMENTO DE TRABAJO N.º 1239

finance and leverage. The second block, j
itz , correspond to control variables such as 

ownership, market scope, size, quality of inputs, priced services, growth, merger 

activity, risk and so on, which have been found relevant in explaining productivity 

differences among banks in previous studies (Berger and Mester, 1997; Frei, Harker and 

Hunter, 2000, Carbó, Humphrey and López del Paso, 2007). The precise definition of 

each of these variables appears in Appendix B and the descriptive statistics in Table 4. 

The third block of explanatory variables is the time dummy variables dt, equal to1 when 

the observation belongs to year t and zero otherwise. The parameters associated to the 

time-dummy variables, t, capture the time effects on productivity common to all banks 

in the industry. We estimate a variation of model (7) where the time-dummy variables 

are replaced by macroeconomic variables of the Spanish economy (i.e., inflation, 

interest rates and business cycle) together with a time trend variable. In this 

specification, the coefficient of the time trend variable will be our estimate of the 

industry technical progress. Finally, νit is the random error term.  

The model is estimated using OLS with standard errors clustered at bank level 

and the results are presented in Table 5. Specification I shows the results of estimating 

the model as it is formulated in [7], whereas in Specification II shows the time dummy 

variables are substituted by macroeconomic variables (growth of GDP, inflation and 

interbank interest rate) and the trend variable. The estimated coefficients of the 

common variables in both specifications are similar in magnitude and statistical 

significance. 

Productivity and proximate causes of the crisis 

Our estimation results confirm that the differences in the observed productivity of banks 

can be explained, to a large extent, by the changes in the assets composition of banks 

documented in Table 3 and related to “proximate causes” of the crisis. As expected, the 

proportion of real estate and mortgages in the loans portfolio of banks is positively 

correlated with productivity. This result confirms the hypothesis that the specialisation 

in this type of products in the pre-crisis period can explain part of the observed increase 

in gross productivity of banks over time. The coefficient of the variable proportion of 

securitized assets is also positive and statistically significant, confirming that generate-

to-securitize is more productive in terms of labour and IT capital services consumed 

than traditional banking. The negative coefficient of the variable Deposits/Loans is 
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coherent with this result, although it is not statistically significant once we control for 

the other finance instruments. 

The explanatory variables on short-term sources of funds that finance the gap 

between loans and deposits are also positively related with banks productivity. The 

estimated coefficient of the variable IdB IBborrow/IB lend is positive and statistically 

significant at 1%, which implies that the higher the net borrowing position in interbank 

markets is, the higher is the bank productivity level17. The rest of the coefficients related 

to short-term finance are non-significant (maturity of wholesale finance and the dummy 

indicating whether or not the bank maintains a net borrowing position in interbank 

market). Therefore what matters for productivity is the net lending position in the 

interbank market, not the net borrowing one. Finally, the estimated coefficient of the 

equity capital ratio is negative and statistically significant. More leveraged banks have 

higher productivity than the less leveraged ones because the latter were expanding their 

balance sheets with non-core capital instruments. Nonetheless, these banks managed to 

keep their regulatory capital ratios relatively constant over time (see Table 3) because 

they issued hybrid and debt-like instruments that counted as regulatory capital. 

Therefore, the positive effect of leverage on banks’ productivity is due to the increase of 

leverage within regulatory capital, that is, the increasing weight of hybrid instruments in 

detriment of core capital. 

Control variables 

Ownership, size and market scope of banks affect banks’ productivity. Saving banks are 

25% less productive than commercial banks, while foreign subsidiaries are almost 20% 

more productive than national commercial banks18. Size of the banks has a positive 

effect on productivity, as well as concentration in local and regional markets. 

Productivity of banks also varies with the quality of the productive inputs. The positive 

association between the average salaries of banks and their productivity suggests that 

higher salaries go together with more productive workers. Next, the positive (although 

not statistically significant) coefficient of human capital from training and the negative 

coefficient of the proportion of temporary employees point also to a positive effect of 

                                                
17 On the contrary, the coefficients associated to lending position in the interbank market are not 
significant. 
18 Berger (2007) reviews the literature on productivity comparisons between foreign subsidiaries and 
national banks; broadly, foreign subsidiaries tend to be more productive than national banks. The results 
of the comparison may be affected by differences in the portfolio of services and markets served by each 
group of banks. 
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human capital on bank’s productivity. Finally, a higher proportion of advertising capital 

in the total operating capital of banks has also a positive effect on productivity.  

Banks collecting more revenues in the form of net commissions (relative to total 

assets) are less productive, possibly because commissions are associated with services 

that banks provide to their customers and these services are not properly captured by the 

output measurement used in this paper. Since the inputs (labour and capital services) 

involved to produce these services are effectively accounted for, we obtain that banks 

with a business profile more oriented to services that charge commissions are penalized 

in our productivity measure 19. Table 5 also shows that a higher annual growth rate in 

the number of branches has a negative effect on productivity, possibly because of 

inputs’ indivisibilities and lower occupation rate of existing branches’ capacity. Next, 

we find that the organization of banking activities also matters for productivity. On the 

one side, the use of the internet channel has significant positive effects on banks 

productivity and, on the other side the effect of geographic diversification (proportion of 

overseas branches) also contributes in a significantly positive manner to productivity. 

However, the proportion of employees in branches (and less in headquarters) and the 

size of the branch do not have significant effects on productivity. Finally, the 

involvement of banks in mergers or acquisitions and the relative loan loss provisions (as 

indicator of risk) do not have any significant effect on productivity.  

The estimated coefficients of the macro variables included in Specification II 

show that the inflation (measured as the growth of the consumer price index) has a 

negative effect on productivity and the interbank interest rate a positive one, whereas 

the GDP growth rate does not affect productivity.  

Technical progress 

The estimates of the dummy variables (not reported) in Specification I and the 

coefficient of the trend in Specification II provide a measure of technical progress, that 

is, productivity growth once we have accounted for other sources of heterogeneity. 

In Specification I, the values of the estimated coefficients of the time dummies 

imply an average annual growth of 3.17% in the pre-Euro period (1993-1999) and of 

                                                
19 We compute the net present value of the flow of commissions assuming a permanent annual flow equal 
to the current value of the net commissions using as discount factor the current value of the 12-month 
Interbank interest rate. When we recalculate the productivity measure and estimate the parameters in 
model (7), the variable commissions over total assets is no longer statistically significant, what would 
confirm our interpretation of the results. 
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3.26% in the post-Euro period. This estimate of productivity growth in the post Euro 

period is much lower than the gross 10% growth rate estimated without controlling for 

the sources of productivity differences considered in (7). These results also show that 

the trend in adjusted productivity growth in the pre-Euro period is maintained in the 

post-Euro period, that is, there are no differences in growth as those observed in gross 

productivity (Figure 2A) 

Specification II intends to isolate technical progress from macroeconomic 

shocks in the adjusted time trend of industry productivity. The estimated coefficient of 

the time trend variable is positive and statistically significant with a value of 0.028. 

Therefore, our estimate of the banking industry growth in technical progress is 2.8% per 

year in this specification. The difference with respect to the time trend of 3.2% in 

Specification I can be attributed to macroeconomic shocks different from technical 

progress on the productivity of banks. Finally, if we include the interaction of the trend 

with a dummy identifying the years of the Euro in Specification II, this variable is non-

statistically significant. This implies that the technical progress grew at the same pace 

before and after the introduction of the Euro, as we have found from the results of 

Specification I. 

Figure 3 completes the productivity decomposition exercise by explaining the 

main factors contributing to the change from the “gross” to the “net” estimated 

productivity trend for the Spanish banking industry. The calculations to decompose the 

aggregate cumulative productivity growth are done using the (average) cumulative 

change of every explanatory variable and its estimated coefficient from Specification 

I.20 Mortgages and real estate, securitization, leverage and net borrowing interbank 

position account for the largest share of productivity gap between the “gross” and the 

“net” time trend in productivity. 

From these results, the conclusion must be that the extraordinary growth in 

aggregate productivity in the Spanish banking industry during the years after Spain 

joined the Euro zone cannot be attributed to a higher growth rate in technical progress. 

Rather, the reason must be found in the new monetary conditions faced by Spanish 

banks in the Euro, which made easier the access of banks to financial markets: Banks 

obtained funds (securitization, interbank market,...) that were used to finance the 
                                                
20 More precisely, the contribution of variable j to the cumulative growth of productivity in year t=1992+s
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booming real estate demand market (mortgages). In addition to this practice, banks 

increased their financial leverage probably to compensate the lower commercial 

margins in a context of historically low interbank rates.  

Robustness exercises  

For robustness purposes, we have re-estimated the productivity growth attributed to 

technical change in the pre- and post- Euro period, starting with the re-estimation of the 

production function using alternative measures of output. First, we estimated the loans 

at constant prices using a price index for each bank that takes into account the 

differences in prices of real estate assets compared with the general inflation rate of the 

Spanish economy, as well as the different proportion of real estate loans granted by each 

bank. In this way, we correct for the over-estimation of the output in the second part of 

the period when inflation of real estate assets was higher. The basic results remain 

unchanged while the minimum differences in Specification I between the estimated 

average rate of technical progress in the pre-and the post-Euro period disappear (now, 

3.3% in the two periods). Second, we construct a measure of output that is equal to a 

weighted geometric average of loans and deposits (with weights 0.4 and 0.6, 

respectively, which are the coefficients of an estimation of the cost function) as an 

alternative to the sum of loans and deposits. The main results do not change at all and, 

again, the differences in the average growth rate of technical progress for the two 

periods disappear.  

Another robustness exercise has explored the estimation of the determinants of 

productivity (Table 5) using fixed effects, to check whether there is unobservable 

heterogeneity that is biasing the estimates. The results21 show that the sign of the 

coefficients remains unchanged, as well as the magnitude, suggesting that the (long) list 

of explanatory variables included in the regressions capture relatively well the 

differences across banks and there is no relevant missing information that is biasing the 

results. Nonetheless, the significance in some coefficients has decreased or even 

become non-significant (for example salaries) what could be expected because the 

fixed-effect estimation drops out the cross-section variability and the coefficients are 

estimated less efficiently. 

                                                
21 Results not shown in the paper. Available from the authors  upon request. 
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In the Spanish banking industry the saving banks have significantly different 

ownership and governance characteristics compared with commercial banks. The 

empirical evidence reported in Table 5 shows that saving banks are on average less 

productive than commercial banks. We have examined if this difference in productivity 

has been stable over time. To do so, we generalize Specification I of Table 5 including 

as additional explanatory variable the interaction between the dummy variable Savings

and the time dummy variables. None of the estimated coefficients for the cross-product 

of savings and time variables are statistically significant. Thus, no difference in the 

technical progress is observed between commercial and saving banks.   

5. Conclusion 

Efficient financial intermediation is a key factor for economic development. The high 

productivity growth in the banking industry around the world until 2008 anticipated a 

period of prosperity and wealth creation. However, the outburst of the financial crisis 

revealed that these expectations were totally erroneous. Conventional measures of 

banks’ productivity growth as a proxy for efficiency gains in financial intermediation 

have been questioned, and new developments are needed to properly asses the technical 

progress of the banking industry. This paper contributes to this development in two 

ways: First, with a new methodology in the measurement of productivity of banks and, 

second, with the measurement of the component of the industry productivity growth 

attributed to technical progress.  

From the methodological point of view, the paper introduces a Leontief 

production function for banks with IT capital as one of the inputs and it is estimated 

following the procedure posited in Olley and Pakes (1996) and Levinsohn and Petrin 

(2003) to control for the simultaneity bias between labour and productivity. These 

methodological advances have clear implications for policy analysis and productivity 

estimations of banks: First, the results obtained from the estimation of the production 

function cannot reject the null hypothesis of constant returns to scale (rejected in OLS); 

the return to scale properties of the production function is a key factor in mergers and 

restructuring decisions. Second, the estimated elasticity of the output of banks from IT 

capital services is twice the elasticity estimated using OLS. As this elasticity enters into 
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find that the cumulative growth in IT capital per employee increased output per 

employee in 27% during the sample period (1.6% cumulative annual growth), revealing 

the high contribution of IT capital in the banking industry. Overall, the average annual 

cumulative growth rate in labour productivity was 4.4% during the sample period (1.6% 

of IT capital contribution plus 2.8% of technical progress). 

As for the measurement of the industry’s technical progress, we find that 

Spanish banks participated of many of the causes that lead to the financial crisis after 

Spain joined the EMU. More than two thirds of the reported growth in banks’ 

productivity was at the expense of fuelling a housing and real estate credit bubble, 

creating a liquidity gap between loans and deposits financed with MBS and with 

interbank loans and increasing financial leverage. This occurred at the same time that 

the industry maintained a steady annual growth rate in technical progress of 2.8%, 

similar to the rate in the pre Euro period.  

More research is needed to advance in the knowledge on how to reconcile 

productivity estimates of individual banks with systemic measures of financial stability. 

We believe that our approach offers a promising start. Haldane, Brennan and Madouros 

(2010) propose using risk-free measures of output for banks in the calculations of 

productivity growth of banks within the KLEMS project22. One difficulty of this 

approach is how to obtain the appropriate price for risk. Our approach relies on 

quantities and does not require information on prices, a clear advantage taking into 

account the market failures affecting the pricing of risk. 

the calculation of the contribution of IT to labour productivity growth, the estimated 

contribution of IT capital deepening to labour productivity growth using the OLS would 

have been half of what it really is. Using the estimates controlling for simultaneity, we 

                                                
22 The KLEMS-project serves as an international platform, coordinated by the EU, in which national 
research and data collection efforts are supported and co-ordinated to create a database on measures of 
economic growth, productivity, employment creation, capital formation and technological change at the 
industry level with a clear emphasis on the need for international comparability.



BANCO DE ESPAÑA 31 DOCUMENTO DE TRABAJO N.º 1239

References 

Acharya, V., I. Gujral and H.S. Shin “Dividends and bank capital in the financial crisis 
of 2007-2009”, Journal of Applied Corporate Finance, 2012, forthcoming. 

Achayra, V., P. Schnabl, and G. Suárez “Securitization without risk transfer,” NBER 
Working Paper 15730, 2011. 

Acharya, V. and P. Schnabl, “How banks played the leverage game”. In: Acharya, V., 
Richardson, M. (Eds.), Restoring Financial Stability: How to Repair a Failed System. 
New York University, John Wiley & Sons, New Jersey, 2009. 83-100. 

Basu, S., R. Inklaar, and J. C. Wang “The value of risk: Measuring the services of U.S. 
commercial banks,” Economic Inquiry, 49(1), 2011, 226-245.

Berger, A. N. “International comparisons of banking efficiency,” Financial Markets, 
Institutions and Instruments, 16, 2007, 119-144. 

Berger, A. N., and D.B. Humphrey, “The dominance of inefficiencies over scale and 
product mix economies in banking,” Journal of Monetary Economics, 28, 1991, 117-
148. 

Berger, A. N., and D.B. Humphrey “Measurement and efficiency issues in commercial 
banking”. In: Z. Griliches (Ed.), “Measurement Issues in the Service Sectors”. National 
Bureau of Economic Research, Univ. of Chicago Press, USA, 1992, 245-79. 

Berger, A. N. and D.B. Humphrey “Efficiency of Financial Institutions: International 
Survey and Directions for Future Research,” European Journal of Operational Research, 
98, 1997, 175-212. 

Berger, A. N. and L.J. Mester “Inside the Black Box: What Explains Differences in the 
Efficiencies of Financial Institutions?,” Journal of Banking and Finance 21, 1997, 895-
947. 

Bernanke, B., M. Gertler, and S. Gilchrist “The financial accelerator in a quantitative 
business cycle framework,” in Handbook of Macroeconomics, ed. by J. B. Taylor, and 
M. Woodford, vol. 1C., 1999, Elsevier Science, North Holland. 

Buera, F. J., J. P. Kaboski, and Y. Shin “Finance and development: A tale of two 
sectors,” The American Economic Review, 101(5), 2011, 1964–2002. 

Bunch, C.M., C.T. Koch and M. Köter “Margins of international banking: Is there a 
productivity pecking order in banking, too?” Discussion Paper 12/2009, 2009, Deutsche 
Bundesbank. 

Carbó, S., D. Humphrey and Lopez del Paso, R. “Opening the black box: Finding the 
source of cost inefficiency,” Journal of Productivity Analysis, 27 (3), 2007, 209-20. 



BANCO DE ESPAÑA 32 DOCUMENTO DE TRABAJO N.º 1239

Catarineu, E. and D. Pérez, “La titulización de activos por parte de las entidades de 
crédito: el modelo español en el contexto internacional y su tratamiento desde el punto 
de vista de la regulación prudencial”, Financial Stability Journal, 14 (5), Banco de 
España, 2008, 87-121. 

Christiano, L., and D. Ikeda “Government Policy, Credit Markets and Economic 
Activity,” NBER Working Paper  17142, 2011. 

Diamond, D. W. “Financial Intermediation and Delegated Monitoring,” Review of 
Economic Studies, 51, 1984, 393-414. 

Diamond, D. W., and P. H. Dybvig, “Bank Runs, Deposit Insurance, and Liquidity,” 
Journal of Political Economy, 91, 1983, 401-419. 

Diamond, D. W. and R. G. Rajan “The credit crisis; conjectures about causes and 
remedies,” American Economic Review Papers and Proceedings, 99, 2, 2009, 606-610. 

Diamond, D. W. and R. G. Rajan  “Illiquidity and interest rate policy,” NBER Working 
Paper 15197, 2009b 

Diamond, D. W., and R. G. Rajan. “Liquidity Risk, Liquidity Creation and Financial 
Fragility: A Theory of Banking,” Journal of Political Economy, 109, 2001, 287-327. 

Fariñas, J.C. and S. Ruano “The Dynamics of Productivity: A Decomposition Approach 
Using Distribution Functions,” Small Business Economics, 22, 3/4, Special Issue on 
Entrepreneurship and the Demography of Firms and Industries, 2004, pp. 237-251.  

Fixler, J. and K.D. Zieschang “User costs, shadow prices and the real output of banks” 
In: Z. Griliches (Ed.), “Output measurement in the service sectors”. The University of 
Chicago Press, Chicago, 1992. 

Frei, F.X., P.T. Harker, and L.W. Hunter “Inside the black box: what makes a bank 
efficient?” in P.T. Harker and S.A. Zenios (Eds.), “Performance of Financial 
Institutions”, Cambridge University Press, London, 2000, 259-311. 

Gorton, G., and A. Winton “Financial Intermediation” in Handbook of the Economics 
of Finance, ed.by G. M. Constantinides, M. Harris, and R. Stulz, 2003, 431-552, North 
Holland. Elsevier. 

Greenwood, J., J. M. Sanchez, and C. Wang “Financing Development; The Role of 
Information Costs,” The American Economic Review, 100(4), 2010,1875-1891. 

Grifell-Tatjé, E. and C.A.K. Lovell “Deregulation and productivity decline: the case of 
Spanish savings banks,” European Economic Review, 40, 1996, 1281-1303. 

Haldane, A., Brennan, S. and Madouros, V. “What is the contribution of the financial 
sector: Miracle or mirage?,” in “The Future of Finance: The LSE Report”, London 
School of Economics, 2010. 



BANCO DE ESPAÑA 33 DOCUMENTO DE TRABAJO N.º 1239

Hall, R. E. “The high sensitivity of economic activity to financial frictions,” Economic 
Journal, 2011.  

Hughes J and L. Mester “Efficiency in banking: theory, practice and evidence,” Federal 
Reserve Bank of Philadelphia Working Paper 08-1, 2008. 

Humphrey, D. “Flow versus stock indicators of banking output: Effects on productivity 
and scale economy measurement”. Journal of Financial Services Research 6, 1992, 115-
135.  

Khorana, A. and M. Perlman “Replenishing the banking sector: Managing bank capital 
in the post crisis world,” Journal of Applied Corporate Finance, 56 (5), 2010, 700-720. 

Kim, D. and A. Santomero, “Risk in banking and capital regulation,” Journal of Finance 
43 (5),1988, 1219-1233. 

Kumbhakar S. and K. Lovell “Stochastic frontier analysis,” Cambridge University 
Press, Cambridge, 2000. 

Levinsohn, J. and A. Petrin “Estimating Production Functions Using Inputs to Control 
for Unobservables,” Review of Economic Studies, 2003, 317-341. 

Lozano-Vivas A. Profit efficiency for Spanish savings banks. European Journal of 
Operational Research, 98, 1997, 381-94. 

Manove, M., J. Padilla and M. Pagano “Collateral versus Project screening: a modelo of 
lazy Banks,” Rand Journal, 32 (4), 2001, 726-744. 

Martín-Oliver, A. and V. Salas-Fumás “The output and profit contribution of 
information technology and advertising investments in Banks,” Journal of Financial 
Intermediation, 17, 2008, 229-255. 

Martín-Oliver, A., V. Salas-Fumás and J. Saurina “Measurement of Capital Stock and 
Input Services in Spanish banks,” Working Paper 0711 Banco de España, 2007. 

Maudos, J., J.M. Pastor, F. Pérez and J. Quesada “Cost and profit efficiency in 
European banks,” Journal of International Financial Markets, Institutions and Money, 
12, 2002, 33-58. 

Mehra, R., F. Piguillem and E.C. Prescott “Costly financial intermediation in 
neoclassical growth theory”, Quantitative Economics. Econometric Society, 2 (1), 2011, 
1-36. 

Merton, R. C. “A Functional Perspective of Financial Intermediation,” Financial 
Management, 24, 1995, 23-41. 

Morrison, A.D. and L. White “Crises and Capital Requirements in Banking,” American 
Economic Review, 95(5), 2005, 1548-1572. 



BANCO DE ESPAÑA 34 DOCUMENTO DE TRABAJO N.º 1239

Nakane, M.I. and Weintraub, D.B. “Bank privatization and productivity: Evidence for 
Brazil,” Journal of Banking and Finance, 29, 2005, 2259-2289. 

Olley, G.S. and A. Pakes “The Dynamics of productivity in the Telecommunications 
Equipment industry,” Econometrica, 64, 1996, 1263-1297. 

O’Mahony, M., and M. P. Timmer “Output, input and productivity measures at the 
industry level: The EU KLEMS Database,” The Economic Journal, 119(538), 2009, 
F374–F403. 

Petrin, A., B.P. Poi and J. Levinsohn “Production function estimation in Stata using 
inputs to control for observables,” Stata Journal 4, 2004, 113-123. 

Philippon, Th. “Has the US finance industry become less efficient?,”: On the theory and 
measurement of financial intermediation. NBER WP 18077, 2012.  

Prasad, B. and  P. Harker, P. “Examining the contribution of information technology 
toward productivity and profitability in U.S. retail banking,” Working paper 97-09, 
Financial Institutions Center, The Wharton School, University of Pennsylvania, 1997. 

Rajan, R. “Why bank credit policies fluctuate: A theory and some evidence,” The 
Quarterly Journal of Economics, 109, 2, 1994, 399-441. 

Rochet, J.C., “Capital requirements and the behaviour of commercial banks,” European 
Economic Review, 36(5), 1992, 1137-1170. 

Sealey, C.W. and J.T. Lindley “Inputs, Outputs, and a Theory of Production and Cost at 
Depository Financial Institutions,” Journal of Finance, 32, 1977, 1251-1266. 

Tirtiroglu, D., K. Daniels and E. Tirtiroglu “Deregulation, intensity of competition, 
industry evolution and the productivity growth of the US Commercial Banks,” Journal 
of Money Credit and Banking, 37 (2), 2005, 339-360.



B
A

N
C

O
 D

E
 E

S
P

A
Ñ

A
3
5

D
O

C
U

M
E

N
T

O
 D

E
 T

R
A

B
A

J
O

 N
.º 1

2
3
9



BANCO DE ESPAÑA 36 DOCUMENTO DE TRABAJO N.º 1239

β *** ***

β *** ***

β ***

β β
β

β *** ***

β *** ***

β ***

β β
β



BANCO DE ESPAÑA 37 DOCUMENTO DE TRABAJO N.º 1239

Duration is expressed in year terms and the rest of variables are ratios expressed in  per unit terms.



B
A

N
C

O
 D

E
 E

S
P

A
Ñ

A
3
8

D
O

C
U

M
E

N
T

O
 D

E
 T

R
A

B
A

J
O

 N
.º 1

2
3
9



BANCO DE ESPAÑA 39 DOCUMENTO DE TRABAJO N.º 1239



BANCO DE ESPAÑA 40 DOCUMENTO DE TRABAJO N.º 1239

  

  



BANCO DE ESPAÑA 41 DOCUMENTO DE TRABAJO N.º 1239

-50%

0%

50%

100%

150%

200%

19
93

19
94

19
95

19
96

19
97

19
98

19
99

20
00

20
01

20
02

20
03

20
04

20
05

20
06

20
07

Time

Id Securitization

Securitization / Assets

Prop Real Estate Loans

Net Commissions/Assets

Average Growth Branches

IdB IB borrow/IB lend 

Capital / Assets

Mortgages / Loans

Cost of Equity

Others

Sum of Components



BANCO DE ESPAÑA 42 DOCUMENTO DE TRABAJO N.º 1239

ττττ    

 
 
 
 
 
 
 

β *** ***

β *** ***

β ***

β β
β

β *** ***

β *** ***

β ***

β β
β

β *** ***

β *** *

β ***

β β
β

β *** ***

β *** **

β ***

β β
β

β *** ***

β *** **

β ***

β β
β

β *** ***

β *** *

β ***

β β
β



BANCO DE ESPAÑA 43 DOCUMENTO DE TRABAJO N.º 1239

 
ω τ

 
 
τ =    τ = 

τ =     τ = 

τ = 

3.5

4

4.5

5

5.5 6 6.5 7 7.5 8 8.5 9 9.5

7.6

7.7

7.8

7.9

8

8.1

8.2

8.3

8.4

ln IT investmentln IT capital

ln
 P

ro
du

ct
iv

ity

3.5

4

4.5

5

5.5 3.5 4 4.5 5 5.5 6 6.5 7

8

9

10

11

12

ln Energy & Othersln IT capital

ln
 P

ro
du

ct
iv

ity

3.5

4

4.5

5

5.5 4.5 5 5.5 6 6.5 7 7.5

9

9.5

10

10.5

11

11.5

ln Non-Durable Materialsln IT capital

ln
 P

ro
du

ct
iv

ity

3.5

4

4.5

5

5.5 5.5 6 6.5 7 7.5 8 8.5

7

7.5

8

8.5

9

9.5

10

ln External Administrative Services
ln IT capital

ln
 P

ro
du

ct
iv

ity

3.5

4

4.5

5

5.5 7
8

9
10

10

10.5

11

11.5

Ln Operating Expensesln IT capital

ln
 P

ro
du

ct
iv

ity



BANCO DE ESPAÑA 44 DOCUMENTO DE TRABAJO N.º 1239



BANCO DE ESPAÑA PUBLICATIONS 

WORKING PAPERS  

1115  ENRIQUE MORAL-BENITO and CRISTIAN BARTOLUCCI: Income and democracy: Revisiting the evidence.

1116   AGUSTÍN MARAVALL HERRERO and DOMINGO PÉREZ CAÑETE: Applying and interpreting model-based seasonal 

adjustment. The euro-area industrial production series.

1117  JULIO CÁCERES-DELPIANO: Is there a cost associated with an increase in family size beyond child investment? 

Evidence from developing countries.

1118  DANIEL PÉREZ, VICENTE SALAS-FUMÁS and JESÚS SAURINA: Do dynamic provisions reduce income smoothing 

using loan loss provisions?

1119  GALO NUÑO, PEDRO TEDDE and ALESSIO MORO: Money dynamics with multiple banks of issue: evidence from 

Spain 1856-1874.

1120  RAQUEL CARRASCO, JUAN F. JIMENO and A. CAROLINA ORTEGA: Accounting for changes in the Spanish wage 

distribution: the role of employment composition effects.

1121  FRANCISCO DE CASTRO and LAURA FERNÁNDEZ-CABALLERO: The effects of fi scal shocks on the exchange rate in 

Spain.

1122 JAMES COSTAIN and ANTON NAKOV: Precautionary price stickiness. 

1123 ENRIQUE MORAL-BENITO: Model averaging in economics. 

1124  GABRIEL JIMÉNEZ, ATIF MIAN, JOSÉ-LUIS PEYDRÓ AND JESÚS SAURINA: Local versus aggregate lending 

channels: the effects of securitization on corporate credit supply.

1125 ANTON NAKOV and GALO NUÑO: A general equilibrium model of the oil market.

1126  DANIEL C. HARDY and MARÍA J. NIETO: Cross-border coordination of prudential supervision and deposit guarantees.

1127  LAURA FERNÁNDEZ-CABALLERO, DIEGO J. PEDREGAL and JAVIER J. PÉREZ: Monitoring sub-central government 

spending in Spain.

1128 CARLOS PÉREZ MONTES: Optimal capital structure and regulatory control.

1129  JAVIER ANDRÉS, JOSÉ E. BOSCÁ and JAVIER FERRI: Household debt and labour market fl uctuations.

1130 ANTON NAKOV and CARLOS THOMAS: Optimal monetary policy with state-dependent pricing.

1131 JUAN F. JIMENO and CARLOS THOMAS: Collective bargaining, fi rm heterogeneity and unemployment.

1132 ANTON NAKOV and GALO NUÑO: Learning from experience in the stock market.

1133  ALESSIO MORO and GALO NUÑO: Does TFP drive housing prices? A growth accounting exercise for four countries.

1201 CARLOS PÉREZ MONTES: Regulatory bias in the price structure of local telephone services.

1202  MAXIMO CAMACHO, GABRIEL PEREZ-QUIROS and PILAR PONCELA: Extracting non-linear signals from several 

economic indicators.

1203  MARCOS DAL BIANCO, MAXIMO CAMACHO and GABRIEL PEREZ-QUIROS: Short-run forecasting of the euro-dollar 

exchange rate with economic fundamentals.

1204  ROCIO ALVAREZ, MAXIMO CAMACHO and GABRIEL PEREZ-QUIROS: Finite sample performance of small versus 

large scale dynamic factor models.

1205  MAXIMO CAMACHO, GABRIEL PEREZ-QUIROS and PILAR PONCELA: Markov-switching dynamic factor models in 

real time.

1206  IGNACIO HERNANDO and ERNESTO VILLANUEVA: The recent slowdown of bank lending in Spain: are supply-side 

factors relevant?

1207  JAMES COSTAIN and BEATRIZ DE BLAS: Smoothing shocks and balancing budgets in a currency union.

1208  AITOR LACUESTA, SERGIO PUENTE and ERNESTO VILLANUEVA: The schooling response to a sustained Increase in 

low-skill wages: evidence from Spain 1989-2009.

1209 GABOR PULA and DANIEL SANTABÁRBARA: Is China climbing up the quality ladder?

1210  ROBERTO BLANCO and RICARDO GIMENO: Determinants of default ratios in the segment of loans to households in 

Spain.

1211  ENRIQUE ALBEROLA, AITOR ERCE and JOSÉ MARÍA SERENA: International reserves and gross capital fl ows. 

Dynamics during fi nancial stress.

1212  GIANCARLO CORSETTI, LUCA DEDOLA and FRANCESCA VIANI: The international risk-sharing puzzle is at business-

cycle and lower frequency.



1213  FRANCISCO ALVAREZ-CUADRADO, JOSE MARIA CASADO, JOSE MARIA LABEAGA and DHANOOS 

SUTTHIPHISAL: Envy and habits: panel data estimates of interdependent preferences.

1214 JOSE MARIA CASADO: Consumption partial insurance of Spanish households.

1215 J. ANDRÉS, J. E. BOSCÁ and J. FERRI: Household leverage and fi scal multipliers.

1216  JAMES COSTAIN and BEATRIZ DE BLAS: The role of fi scal delegation in a monetary union: a survey of the political 

economy issues.

1217  ARTURO MACÍAS and MARIANO MATILLA-GARCÍA: Net energy analysis in a Ramsey-Hotelling growth model.

1218  ALFREDO MARTÍN-OLIVER, SONIA RUANO and VICENTE SALAS-FUMÁS: Effects of equity capital on the interest rate 

and the demand for credit. Empirical evidence from Spanish banks.

1219  PALOMA LÓPEZ-GARCÍA, JOSÉ MANUEL MONTERO and ENRIQUE MORAL-BENITO: Business cycles and 

investment in intangibles: evidence from Spanish fi rms.

1220  ENRIQUE ALBEROLA, LUIS MOLINA andPEDRO DEL RÍO: Boom-bust cycles, imbalances and discipline in Europe.

1221  CARLOS GONZÁLEZ-AGUADO and ENRIQUE MORAL-BENITO: Determinants of corporate default: a BMA approach.

1222 GALO NUÑO and CARLOS THOMAS: Bank leverage cycles.

1223 YUNUS AKSOY and HENRIQUE S. BASSO: Liquidity, term spreads and monetary policy.

1224  FRANCISCO DE CASTRO and DANIEL GARROTE: The effects of fi scal shocks on the exchange rate in the EMU and 

differences with the US.

1225  STÉPHANE BONHOMME and LAURA HOSPIDO: The cycle of earnings inequality: evidence from Spanish social  

security data.

1226 CARMEN BROTO: The effectiveness of forex interventions in four Latin American countries.

1227 LORENZO RICCI and DAVID VEREDAS: TailCoR.

1228  YVES DOMINICY, SIEGFRIED HÖRMANN, HIROAKI OGATA and DAVID VEREDAS: Marginal quantiles for stationary  

processes.

1229  MATTEO BARIGOZZI, ROXANA HALBLEIB and DAVID VEREDAS: Which model to match?

1230 MATTEO LUCIANI and DAVID VEREDAS: A model for vast panels of volatilities.

1231 AITOR ERCE: Does the IMF’s offi cial support affect sovereign bond maturities?

1232 JAVIER MENCÍA and ENRIQUE SENTANA: Valuation of VIX derivatives.

1233 ROSSANA MEROLA and JAVIER J. PÉREZ: Fiscal forecast errors: governments vs independent agencies?

1234  MIGUEL GARCÍA-POSADA and JUAN S. MORA-SANGUINETTI: Why do Spanish fi rms rarely use the bankruptcy 

system? The role of the mortgage institution.

1235  MAXIMO CAMACHO, YULIYA LOVCHA and GABRIEL PEREZ-QUIROS: Can we use seasonally adjusted indicators 

in dynamic factor models?

1236  JENS HAGENDORFF, MARÍA J. NIETO and LARRY D. WALL: The safety and soundness effects of bank M&As in the EU: 

Does prudential regulation have any impact?

1237  SOFÍA GALÁN and SERGIO PUENTE: Minimum wages: do they really hurt young people?

1238  CRISTIANO CANTORE, FILIPPO FERRONI and MIGUEL A. LEÓN-LEDESMA: The dynamics of hours worked and  

technology.

1239  ALFREDO MARTÍN-OLIVER, SONIA RUANO and VICENTE SALAS-FUMÁS: Why did high productivity growth of banks 

precede the fi nancial crisis?

Unidad de Servicios Auxiliares
Alcalá, 48 - 28014 Madrid

Telephone +34 91 338 6368 
E-mail: publicaciones@bde.es

www.bde.es


	WHY DID HIGH PRODUCTIVITY GROWTH OF BANKS PRECEDETHE FINANCIAL CRISIS?
	Abstract
	Resumen
	1. Introduction
	2. Production function estimation
	3. The productivity estimation for Spanish banks
	4. What is behind the observed productivity?
	5. Conclusion
	References
	Tables and Figures

	BANCO DE ESPAÑA PUBLICATIONS



