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Abstract

The economic well-being of an individual can be measured in several
ways. The standard income poverty approach aims at determining objectively
whether individuals’ income fall short from a pre-defined income poverty line.
Alternatively, one may rely on subjective information about perceived financial
difficulties to assess individuals’ welfare. Income poverty and perceived finan-
cial difficulties are therefore complementary concepts based on different types
of information. Knowledge about how these two concepts are dynamically
interrelated is however limited. By estimating dynamic bivariate models con-
trolling for state dependence, unobserved heterogeneity and initial conditions,
we precisely aim at determining whether there are dynamic cross-effects be-
tween both concepts implying for example that past income poverty influence
current perception of financial difficulties. The data used for our empirical
application are those from the Luxembourg Socio-economic panel “Liewen zu
Létzebuerg” (PSELL3) for the years 2003 to 2011.
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1 Introduction

The economic well-being (or financial adequacy) of an individual can be measured in
several ways. The conventional income poverty approach aims at determining objec-
tively whether individuals’ income fall short from a pre-defined income poverty line.
Concern about this approach is sometimes expressed for practical reasons, such as
measurement error (e.g. Nicoletti, Peracchi, and Foliano, 2011) or difficulties in iden-
tifying relevant poverty lines or equivalence scales (e.g. Ravallion, 1996). On more
substantive ground, objective approaches may miss part of the problem. For ex-
ample, Bourguignon (2006) highlights the following paradox in developed countries:
while the presence of an efficient redistribution system was successful in reducing the
level of poverty, a ‘feeling’ of poverty is still often reported in some population sub-
groups such as beneficiaries of minimum income guarantee programs.! Henceforth,
the concept of poverty or welfare is certainly broader than that of low income only.
This probably explains why one of the alternatives to the income poverty approach
consists in relying on subjective information about perceived financial difficulties to
assess individuals’” welfare (Deaton, 2010, Kaya, 2013).

Therefore, income poverty and perceptions of financial difficulties are concepts
aiming at measuring similar phenomenon on the basis of different types of informa-
tion. However, in addition to highlighting different aspects of disadvantage, these
two concepts are likely interrelated. The objective situation unveiled by the income
poverty approach directly influences individuals’ perception. Current perceptions
can be influenced not only by current objective situation, but also by the objective
situation in previous periods. Our empirical knowledge about the extent to which
these two concepts are dynamically interrelated is however limited. One of the aim
of the paper is precisely to analyse this question.

When analysing the determinants of individual welfare, a key element is to take
into account longitudinal aspects. In particular, an element that received consider-
able attention in the literature is the issue of state dependence, that is the extent
to which being poor in a given moment increases by itself the probability of being
poor in the future (Heckman, 2001, Skrondal and Rabe-Hesketh, 2013). As well
established in the literature, both income poverty (see among others Cappellari and
Jenkins, 2004, Biewen, 2009, Fusco and Islam, 2012, Ayllén, 2013b) and perceived
financial difficulties (e.g. Pudney, 2008, Newman, Delaney, and Nolan, 2008, Kaya,
2013) are affected by a considerable degree of state dependence. Regarding income
poverty, this empirical regularity can be explained by a behavioral effect of past
poverty on current poverty. Biewen (2009) proposes several mechanisms to explain
such a genuine effect: i) adverse incentives in countries with a minimum-income
guarantee, ii) demoralization or depreciation of human capital, (iii) potential health,

"Moreover, as emphasized by Bourguignon (2006, 77) to some extent, “income transfers may
even worsen the situation as they may stigmatize their beneficiaries. [..] Reducing poverty is
certainly desirable but it may fail to eliminate a feeling of social deprivation that may be rooted
in deeper causes”.



drug or alcohol problems, (iv) bad networking or (v) household split. In the case of
subjective variables, such as perceived financial difficulties, Pudney (2008) relates
the issue of state dependence to the question of inertia of perceptions, that is the
time necessary for perceptions to adjust to change in circumstances (see also Bottan
and Perez Truglia, 2011, Wunder, 2012). Full inertia occurs if today’s perception
is completely determined by yesterday’s perception and not by change in circum-
stances. If this is the case, perceptions might not be good indicators of current
well-being. By contrast, full adjustment means that current perceptions are not
affected by previous perceptions and changes in perceptions can be fully ascribed
to changes in circumstances rather than to long term circumstances; perceptions
can then be considered a good indicator of current well-being. The true situation
usually lies in between these two extreme cases which highlights that in the case of
perceptions, as in the case of income poverty, modelling state dependence is crucial
to avoid the potential bias that estimating static models would yield.

State dependence refers to the question as to whether a concept is autoregres-
sive. Another way through which the past can affect the present is through feedback
effects of some covariates (Biewen, 2009). For example, past income poverty may
affect current perceptions of financial difficulties, especially in the case where per-
ceived financial difficulties display some inertia.? Similarly, past perceived financial
difficulties may affect current income poverty through discouragement effects. The
extent to which this is the case is ultimately an empirical question. While the litera-
ture regarding the analysis of the dynamics of income poverty is large (e.g. Jenkins,
2011), more scarce but still existing regarding the dynamics of perceived financial
difficulties (Pudney, 2008, Newman, Delaney, and Nolan, 2008, Kaya, 2013, Fusco,
2013), to our knowledge there are no econometric attempts to characterize the joint
dynamics of objective and subjective financial difficulties.

While analysing the interrelationship of both concepts is interesting per se, it also
allows us to analyse the effect of some covariates on both concepts simultaneously.
For example, on the basis of separated models applied to the same Luxembourgish
sample, Fusco and Islam (2012) find that an additional child aged between 12 and
17 years old increase the probability of entering income poverty while Fusco (2013)
finds that it has no effect on the probability of entering perceived financial diffi-
culties. Analysing the impact of the presence of older children on both concepts
simultaneoulsy may shed a different light on this result.

Subjective variables are typically ordinal variables. An additional contribution
of the paper is that we consider different modelling assumptions of the subjective
variable to assess the robustness of the results. In particular, we compare the results
obtained when dichotomozing the subjective variable with those obtained when

2In the case of happiness, Bottan and Perez Truglia (2011) make the distinction between two
channels of habituation: general habituation (or satisfaction treadmill) refers to genuine state de-
pendence while specific habituation (or hedonic treadmill) refers to habituation to specific lagged ef-
fects of life events. For an analysis of the adaptation of happiness to poverty see Clark, D’ Ambrosio,
and Ghislandi (2013).



making full use of the available information and using the ordinal variable. While
Newman, Delaney, and Nolan (2008) apply this strategy to analyse the question of
state dependence in financial well being, to our knowledge our paper is the first one
doing so in the context of a dynamic bivariate model.?

Our empirical illustration is based on Luxemburg data. Following the devel-
opment of the financial sector since the middle of the 1980s, Luxembourg became
one of the richest countries in terms of GDP per capita (see e.g. Fusco, Van Kerm,
Alieva, Bellani, Etienne-Robert, Guio, Kyzyma, Leduc, Ligeois, Pi Alperin, Rein-
stadler, Sierminska, Sologon, Thill, Valentova, and Voicu, 2013). It may then appear
surprising to devote efforts in studying financial difficulties in this country. How-
ever, it can also be argued that subjective approaches bring valuable information
that can be relevant precisely in a rich country as Luxembourg, given that they are
likely to capture the feeling of social exclusion referred to by Bourguignon (2006).

By estimating dynamic bivariate models controlling for unobserved heterogene-
ity and initial conditions (e.g. Devicienti and Poggi, 2011), we aim at determining
whether both concepts are characterized by state dependence and whether there
are dynamic cross-effects implying for example that past income poverty influence
current perception of financial difficulties. The results of our empirical illustration
indicate that this is the case but vary according to some specifications. When focus
on binary status variables, no evidence of feedback effect from past income poverty
(perceived financial difficulties) on current perceived financial difficulties (income
poverty) was found. However, such cross-effects appeared when modelling perceived
financial difficulties as an ordinal variable.

The paper is organized as follows. Section 2 presents the data used extracted
from the Luxembourg Socio-economic panel “Liewen zu Létzebuerg” (PSELL3) for
the years 2003 to 2011 as well as some descriptive statistics. The methodology
applied is presented in Section 3 while section 4 contains the results. Finally, Section
5 concludes.

2 Data and descriptives

Our empirical application is based on the Luxemburg Socio-Economic Panel “Liewen
zu Létzebuerg” (PSELL3) which is the Luxemburgish component of the European
Union-Statistics on Income and Living Conditions (EU-SILC). PSELL3 is running
since 2003 when it was launched, with an initial sample of around 3500 households
and 10000 individuals and contains information about residents’ incomes, living con-
ditions and other personal and household characteristics. PSELL3 provides repeated
annual observations since 2003 on the same individuals which makes it possible to
link changes in poverty status with changes in household circumstances such as fam-
ily arrangements or labour market situations. In this paper, we use the nine waves

3 Amuedo-Dorantes and Serrano-Padial (2010) use a multinomial regression to model labour
flexibility.



of the PSELL3 data covering the years 2003 to 2011.

The ordinal variable we focus on in this paper is the following: “A household
may have different sources of income and more than one household member may
contribute to it. Thinking of your household’s total income, is your household able to
make ends meet, namely, to pay for its usual necessary expenses”. We have recoded
the variable that takes the values 0.Very easily; 1.Easily; 2.Fairly easily; 3.With some
difficulty; 4.With difficulty; 5.With great difficulty. We assume that each household
has the same interpretation of each modality. We attributed this household level
question to each of the household member as is typically done in the income poverty
literature and also by other authors (e.g. Taylor, 2011). Regarding poverty, an
individual is considered poor if he belongs to a household whose equivalent income
is lower than 60% of the median equivalised income.

Our focus is on the adult population aged between 20 and 59. Students, military
and pensioners are excluded from the analysis because these population subgroups
are very specific and concern about the reliability of their answers regarding their
perceived financial difficulties is sometimes expressed. For example, elderly people
are usually found to underestimate the financial difficulties they are confronted
too. Indeed, a result often highlighted in the literature is that elderly people often
consider their income as adequate, even when this income is in fact very low (e.g.
Stoller and Stoller, 2003, Litwin and Sapir, 2009).

Table 1 shows the distribution of perceived financial inadequacy and the poverty
rate for the studied sample and across the analysed period. In Luxembourg, the
great majority of individuals finds it ‘easy’ to make ends meet (on average 36%)
or ‘fairly easy’ (31%).* Only about 10% of the studied sample answers that they
can make ends meet ‘very easily’. Moreover, note that a sizeable group of nearly
8% of the individuals declares that to make ends meet is ‘difficult’ or ‘very difficult’
and about 15% say that it is ’quite difficult’. From this point, we will consider
that individuals are in financial difficulties if they answer ’difficult’ or 'very difficult’
to the aforementioned question. On average, 7.6% of the sample is found to be
in financial difficulties, a percentage that evolves between 6% and 9% across the
period. Last column shows the income poverty rate which was of 10.6% in 2003 and
then evolved between 12% and 14% in the period 2004 to 2011.

Table 2 analyses the joint distribution of both concepts across time. As shown,
between 3% and 5% of the individuals in the sample are both income poor and in
perceived financial difficulties. The percentage is very similar for those individu-
als that declare to be in financial difficulties but are not income poor (on average
3.8%). Instead, 9.5% of individuals do not state to be in financial difficulties but
are considered income poor. In total, an average of 17.1% of the sample is affected
by either one or both phenomena. Moreover, Table 3 indicates that 28.4% of the
income poor perceive themselves in financial difficulties, while only 4.4% of the non
income poor are in such a situation.” These pooled results indicate that the overlap

4Figures on the overall population are similar and can be found in STATEC (2013).
®Conversely, close to 50% of the individuals in perceived financial difficulties are income poor,



Table 1: Distribution of perceived financial difficulties and poverty rate, per year

Wave Perceived financial difficulties Poor
very easily fairly  quite difficult  very
easily easily difficult difficult
1 11.2 372  30.5 13.9 5,3 1.9 10.6
2 13.9 36.0 294 14,1 4.8 1.9 13.0
3 12.3 38.6  28.6 14,1 4.6 1.7 12.7
4 10.7 375 323 13,8 4.3 1.5 13.1
5 9.8 38.7  30.5 14,2 5.0 1.9 12.9
6 9.1 37.7  30.1 15,5 5.7 2.0 13.4
7 8.8 33.7 319 17,6 5.9 2.1 14.4
8 7.9 34.7 327 15,8 6.6 2.3 14.5
9 9.2 32.0 323 17,1 6.6 2.8 13.3
Total 10.1 35.9 31.1 15.3 5.5 2.1 13.2

Source: PSELL3/EU-SILC, 2003-2011, authors computation. Weighted results.

between the two measures is not perfect which suggests that the two definitions of
financial difficulties, subjective or objective, are complementary. Sample size is also
shown in the last column.

Table 2: Joint distribution of financial difficulties and income poverty

Wave Not poor, Income In FD Both N
nor in FD poor only  only

1 85.3 7.5 4.0 3.1 4951
2 83.6 9.7 3.4 3.3 5055
3 83.6 10.1 3.8 2.6 5089
4 84.1 10.2 2.7 3.0 9455
) 84.3 8.9 2.8 4.1 5H82
6 82.9 9.4 3.7 3.9 5412
7 81.6 10.4 4.0 4.0 5891
8 81.4 9.7 4.1 4.8 6684
9 81.4 9.2 5.3 4.2 7522
Total 83.0 9.5 3.8 3.8 51641

Source: PSELL3/EU-SILC, 2003-2011, authors computation. Weighted results.

Previous results were based on cross-sectional data. We now turn to the longi-
tudinal dimension.

while only 10% of individuals having difficulties to make ends meet are found in poverty (not shown
for brevity).



Table 3: Probablility of being in financial difficulties given poverty status at the
same year

Perceived financial difficulties at ¢

Not in FD In FD Total

Not poor 95.6 4.4 100.0

Poverty at ¢ Poor 716 284 100.0
Total 92.4 7.6 100.0

Source: PSELL3/EU-SILC, 2003-2011, authors computation. Weighted results. Pooled
observations across the period.

In terms of transitions, first panel of Table 4 shows the probability of being in
financial difficulties given the status in the same problem the previous year. Note
that 45.9% of the individuals initially in perceived financial difficulties remain in
the same situation, compared to 4.3% of the initially non in perceived financial
difficulty. The same percentages in the case of income poverty are 68.4% and 4.5%,
respectively, as shown in the second panel of the same table. This suggests a sizeable
scarring effect (state dependence) for both concepts, especially strong in the case of
income poverty.

Table 4: Probablility of being in financial difficulties at ¢ given status at ¢ — 1 and
probability of being poor at ¢ given status at ¢t — 1

Perceived FD at ¢
Not in FD In FD Total

. Not i FD 058 43 1000
Perceived FD at ¢ — 1 In FD 541 459  100.0
Total 92.8 7.2 100.0

Poverty at ¢
Not poor  Poor Total

Not poor 95.5 4.5 100.0
Poverty at  —1 Poor 316 684 100.0
Total 87.2 12.8 100.0

Source: PSELL3/EU-SILC, 2003-2011, authors computation. Weighted results. Pooled
observations across the period.

Looking at the relation between the two concepts in consecutive years, in Table 5,
we can see that lagged income poverty and current perceived financial difficulties are
linked: the conditional probability of being currently in perceived financial difficulty
is 26.2% for the initially poor, while it is only 4.4% for the initially non poor. The
relative risk is of 5.96. The relative risk of being income poor depending on the
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previous perceived financial difficulties status is of 5.4 (the probability of being
currently income poor for the initially in perceived financial difficulty is 52.5%; for
the initially non poor it is of 9.7%).

Table 5: Probablility of being in financial difficulties at ¢ given poverty status at
t — 1 and probability of being poor given status in perceived financial difficulties at
t—1

Perceived FD at ¢
Not in FD In FD Total

Not poor 95.6 4.4 100.0
Poverty at ¢ — 1 Poor 738 26.2  100.0
Total 92.8 7.2 100.0

Poverty at ¢
Not poor  Poor Total

. Not in FD 03 9.7 1000
Perceived FD at ¢ —1 In FD 476 525 100.0
Total 872 12.8 100.0

Source: PSELL3/EU-SILC, 2003-2011, authors computation. Weighted results. Pooled
observations across the period.

These descriptive statistics suggest that both concepts display state dependence
and are related dynamically. Whether these descriptives are the results of individual
heterogeneity or of causal mechanisms is an empirical question we try to disentangle
in the next section.

3 Methodology

We propose two econometric strategies for the study of the interrelationship between
poverty and perceived financial difficulties. In the first place, we estimate jointly a
dynamic random effects probit for the subjective assessment of own financial situa-
tion (S;;) and a dynamic random-effects probit for income poverty (Py). The second
strategy, instead of using a dichotomised dependent variable, we make use of all the
information available in the data set and we estimate S;; by means of a dynamic
random-effects ordered probit.
Formally, both equations can be written as follows:

Siy = aSy_1 + BPy—1 + 7' Xip + wi + € (1)
Py = XPy1+ 0Siu—1 + 1 Zig + vi + iy (2)

where i = 1,2, ..., N are individuals and ¢ = 2, ..., T" are the number of periods under
study.



We assume that in period ¢, individuals can be characterised by a latent propen-
sity for perceived financial difficulties, S};, that takes the form:

Sie = 1(S5 > 0) (3)

where I(S}, > 0) is a binary indicator function that equals one if the latent propen-
sity is positive and equals zero otherwise.

In the case of the ordered variable, the latent outcome S}, is not observed but we
do have an indicator of the category in which the latent category falls, S;;. Thus,

Sp=j it pj< S < Hi—1, j=1..m (4)

where pp = —o00, 1t; < fjy1, i, = 00. As explained above, perceived financial
difficulties is a variable with six categories (7).
The same assumptions are done in the case of poverty with

Py = I(P;; > 0) (5)

and I (P} > 0) being a binary indicator function that equals one if the latent propen-
sity is positive and equals zero otherwise.

As well established in the literature, both poverty and perceived financial diffi-
culties are affected by a considerable degree of state dependence. That is, being poor
in a given moment increases by itself the probability of being poor in the future (see
among others Cappellari and Jenkins, 2004, Biewen, 2009, Fusco and Islam, 2012,
Ayllén, 2013b). Similarly, Pudney (2008), Newman, Delaney, and Nolan (2008),
Kaya (2013) find that history matters also regarding the subjective perceptions of
own financial situation which suggests that the adjustment of indviduals’ percep-
tions of financial difficulties is not immediate. Thus, the one year lag of each variable
assures the control over state dependence and we expect o and x to be positive and
statistically significant.

In order to take into account the possible interrelationship between poverty and
perceived financial difficulties, we introduce a feedback effect in each equation that
will asssess the degree of dependence between both phenomena. That is, g will
control for the influence of past poverty on current perceived financial difficulties.
We expect [ to be positive and statistically significant showing that a year in poverty
harms the current subjective perception of own financial situation. In a similar
fashion, 0 that captures the influence of past financial difficulties on current poverty
status is likely to be positive and precisely estimated indicating that households that
perceive that they have difficulties to make ends meet are more likely to be found in
poverty today.® Furthermore, we consider the possibility that current poverty status
P, enters as an explanatory variable in the perceived financial difficulties equation

5Buddelmeyer and Cai (2009) use a similar strategy to study the interrelationship between
health and poverty. In their case, they introduce the lagged value of poverty in a health equation
while current health (not lagged) in the poverty equation. Their argument is that the effect of
health on income is immediate while the effect of income on health is slow. This is hardly plausible
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to assess the importance of the relationship between both phenomena at the current
period.” In that case, the equations (1) and (2) can be written in the following way:

S5 = aSi—1 + 0Py + BPy_1 + 7' Xip + u; + €5 (6)
P = xPu—1+0Su—1+ 0 Ziy + v; + (7)

X, and Z;; are the explanatory variables that are expected to affect both pro-
cess. They reflect the demographic and working characteristics of the household
and of the individual that live in and refer to the individual (age, age squared, gen-
der, citizenship, employment status, health status, marital status, education) and
the household (household composition, the attachment to the labour market, tenure
status). In the case of perceived financial difficulties, we expect variables suggesting
additional financial resources (e.g. an additional individual at work) to decrease the
risk of being in perceived financial difficulties through a risk diversification effect,
while variables reflecting additional expenditures (henceforth increasing the (per-
ception of) resources needed), such as an additional child, are expected to increase
the risk of being in perceived financial difficulties

In order to take into account unobserved heterogeneity, both equations follow
Wooldridge (2005) in the treatment of initial conditions. The control over un-
observed heterogeneity is important in the type of models as the one presented
here because otherwise state dependence is overestimated (see, for example, Weber
(2002)). Moreover, the inclusion of an individual specific effect results in an initial
conditions problem: we cannot know whether the observed phenomena started even
before each individual entered the survey. That is, we need to control that each ini-
tial condition is correlated with the individual specific effect (u; and v;, respectively).
Ignoring the initial conditions problem would result in inconsistent estimates.

Wooldridge (2005) proposes to find the density of the dependent variables from
t =2, ..., T conditional of the initial conditions and the explanatory variables. That
is, we specify the density of the unobserved specific effect conditional on the depen-
dent variables at ¢ = 1. Formally, we can write the specification as follows,

u; = ag + a1 Py + asSio + as X; + K; (8)
v; = by + b1.Si0 + b2 Pio + bsZ; + v (9)

in the case of our analysis. Other applications of this methodology can be found in Alessie,
Hochguertel, and Van Soest (2004), Cai and Kalb (2006), Cai (2009), Haan and Myck (2009),
Amuedo-Dorantes and Serrano-Padial (2010), Cai (2010), Devicienti, Groisman, and Poggi (2010),
Rochut and Van Kerm (2010), Devicienti and Poggi (2011), Heiss (2011), Michaud and Tatsiramos
(2011).

"Note we do not consider that perceived financial difficulties influence current poverty as we
consider that the objective situation is prior to the subjective evaluation so that simultaneous
effects are ruled out. In our dynamic framework, the objective situation can only be influenced
by feedback effects from past perceptions and not by current effects. The effect of income poverty
on perceived financial dificulties is immediate while the effect of perceived financial difficulties on
income poverty is delayed.

10



Following Stewart (2007), we add the means of the time-varying explanatory
variables in order to allow a certain degree of correlation between the indepen-
dent variables and the individual specific effect (see also Mundlak, 1978, Alessie,
Hochguertel, and Van Soest, 2004). x and v will be integrated out using Gauss-
Hermite quadrature with 12 points in order to get consistent estimates. Estimates
of the model parameters are obtained by Conditional Maximum Likelihood (CML).

Finally, the error terms include each a white noise error that changes over time
(e and p; respectively) assumed to follow a normal distribution with zero mean
and unit variance, with a variance-covariance matrix named »_ and correlation
called p. Given that the error term comprises also an (additive) individual specific
effect in each equation u; and v; assumed to be bivariate normal, we can define a
variance-covariance matrix as follows,

2
(o ,
Privi Oy

If p is positive, it means that unobservables that make individuals more likely
to be poor also make them more likely to perceive that they have great financial
difficulties to make ends meet.®

4 Empirical results

Table 6 reports the estimates of equations (1) and (2). The first two columns show
the results of the bivariate random effects (RE) probit models with simple feedback
effects for perceived financial difficulties and poverty. The third and fourth columns
detail the results when ‘perceived financial difficulties’ is modelled by means of an
ordered RE probit.

The positive and highly significant coefficients for S;;_; on Sy (0.45%**) and P;;_4
on Py (0.74%**) indicate that both phenomena are affected by a considerable degree
of genuine state dependence as already found in the literature (see Section 3). That
is, perceiving financial difficulties in the past increases by itself the probability of
being in the same situation in the future. The results can be read similarly in the case
of poverty. Average Partial Effects (APEs) show that, for example, being in poverty
in a given year increases by XX percentage points the probability of experiencing
poverty in the following period. The same percentage is of XX points in the case of
perceived financial difficulties. Noticeably, the coefficient for the initial conditions in
both equations is greater than the lagged which indicates a considerable correlation
between the unobserved heterogeneity effect and the initial conditions. These results
are confirmed by Model 2, that is when perceived financial difficulties are modelled
using a ordered RE probit.

Turning to the feedback effects, results in the first columns would seem to indi-
cate that past perceived financial difficulties have no influence on current poverty

8The model is estimated using the software aML (see e.g. Ayllén, 2013a).
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Table 6: Main results for the bivariate RE probits for S; and P; (Model 1) and the
ordered RE probit model for S; and bivariate RE probit for P, (Model 2)

Model 1 Model 2
Sy B Sy B

Si_1 0,45%** 0,078
Sy [1] 0,4TFFF (1%
Si1[2] 0,73%5% _0,20%%*
S,_1[3] 1,10%%% 0,11
Si_14] 1,28%** 0,09
Sy_1[5] 1,34%%% 0,07
So 0,77+F% 0,40%H*
Soll] 0,67%%% (0, 26%%*
Sol2] 1,275, () 4T
So[3] 1,81%** (), 75***
Sol4] 1,00%5%  (),80%H*
Sol5] 9,33%xx 1 (2
Py 0006  0,74%%% | 007wk () 735k
Py 0,32%F% () QF%rx | (o] kkk () gEEE
epsl 0,74+ 0,68+
eps2 0,77+** 0,78%**
rho 0,47+ 0,43%**

12

Source: PSELL3/EU-SILC, 2003-2011, authors computation.



and that past poverty has no effect on today’s feeling of financial difficulties. As a
matter of fact, both phenomena would seem to be only related through the initial
conditions. However, results from the RE ordered probit that is, when we make use
of all the information available in the data set, show the existence of a interrelation-
ship between both phenomena. Past poverty increases the probability of current
perceived financial difficulties (0.07***). And, at the same time, past perceived fi-
nancial difficulties reduce the probability of feeling that it is ‘easy’ of ‘fairly easy’
to make ends meet. Note however that the results are only precisely estimated for
the groups perceiving no financial difficulties while no difference is found for the
individuals finding it ‘quite difficult’, ‘difficult’” or ‘very difficult’.

The standard deviations of the random effects are highly significant indicating
the importance of controlling for unobserved heterogeneity in both cases. Finally,
note that the correlation between unobservables related to perceived financial dif-
ficulties and those related to poverty are positively correlated. This indicates that
unobservables that make a family more likely to perceive that they are in financial
difficulties also make them more likely to be found below the poverty line.

Table 7 shows the results when current poverty status (F;) is included in the
'perceived financial difficulties” equation. The idea is that today’s financial difficul-
ties are very much likely to be affected not only by past poverty experiences but
also by the current economic situation of the family.

The results on state dependence for both phenomena do not change and coeffi-
cients are very similar to those of Table 6 and they keep the same level of statistical
significance. The coefficient for P, on .S; is positive and precisely estimated which
tells about the direct relationship between current poverty and perceived financial
difficulties. This results is common to both model specifications.

Interestingly, note that the introduction of P, on S; has changed the significance
of the feedback from S;_; on P, which is now positive and statistically significant
at 99% in Model 3. If we turn our attention to Model 4, we can observe that it is
the feedback from P, ; on S; that is positive and precisely estimated and instead
the coefficients of lagged perceived financial difficulties are not different from zero
in the poverty equation.

In all, results indicate the existence of a relationship between financial difficulties
and monetary poverty but it is difficult to disentagle the origin of what could be
understood as a vicious cycle of economic deprivation.

We assess the statistical fit of the different models using Akaike and Bayesian In-
formation Criteria (AIC and BIC, respectively) for model selection (see Herndndez-
Quevedo, Jones, and Rice, 2008). Formally,

AIC = —2InL + 2g (10)
BIC = =2InL + (InM)q (11)

where ¢ is the number of parameters in each specification and M the number of
individual-wave observations.

Table 8 shows the results for the AIC and BIC criteria of all models. The
comparison between the results for Model 1 and 3 indicates that including 'current
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Table 7: Main results for the bivariate RE probits for S; and P, (Model 3) and the
ordered RE probit model for S; and bivariate RE probit for P; (Model 4) including
current poverty status

Model 3 Model 4
St P St P

Si_1 0,44*** (,13%**
S 1] 0,47 0,12
Si1[2] 0,73%%% 0,08
Si1[3] 1,08 0,04
Si—1[4] 1,25%**% 0,08
S,_1[5] 1,30%%* 0,28
So 0,75%** (0, 37H*
Soll] 0,67%F* 0,217
Sol2] 1,274 () 405
So[3] 1,80%**  (,63***
Sol4] 1,97%%% (7655
Sol5] 9,31k () gk
P, 0’22*** 0’20***
P4 0,01 0,74%%% | 0,08%H* (), 74%+*
I 0,23**% (,93%** | 0, 14***F (,83%**
epsl 0,73%** 0,68%**
eps2 0,76*** 0,74%H*
rho 0,32%#* 0,25%#*

Source: PSELL3/EU-SILC, 2003-2011, authors computation.
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Table 8: AIC and BIC for the different model specifications

Model 1 Model 2 Model 3 Model 4

InLL -14916,80 -46647,20 -14906,20 -46623,10
q (parameters) 115 135 116 136
M (obs) 35179 35179 35179 35179
In M 10,47 10,47 10,47 10,47
AIC 30063,6 93564,4 30044,4 93518,2
BIC 310374 94707,6 31026,7 94669,9

Source: PSELL3/EU-SILC, 2003-2011, authors computation.

Note:

Model 1: Bivariate random effect probit model for P; and S;

Model 2: Bivariate random effect probit model for P; and ordered for S;

Model 3: Bivariate random effect probit model for P, and S; including P; as a covariate
Model 4: Bivariate random effect probit model for P; and ordered for S; including P; as a
covariate

poverty status’ in the perceived financial difficulties equation improves the statistical
fit of the model. And exactly the same in the case of Models 2 and 4. Moreover,
there is no contradiction between AIC and BIC.

5 Conclusions

The aim of this paper was to analyse whether income poverty and perceived finacial
difficulties are dynamically interrelated. Our results suggest that this is the case but
vary according to some specifications. When focusing on binary status variables, no
evidence of feedback effect from past income poverty (perceived fincial difficulties)
on current perceived financial difficulties (income poverty) was found. However, such
cross-effects appeared when modelling perceived financial difficulties as an ordinal
variable.
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